Sex and earnings differentials among home-based workers by Kim, Hyochung
Retrospective Theses and Dissertations Iowa State University Capstones, Theses andDissertations
1995
Sex and earnings differentials among home-based
workers
Hyochung Kim
Iowa State University
Follow this and additional works at: https://lib.dr.iastate.edu/rtd
Part of the Home Economics Commons, Labor Economics Commons, and the Work, Economy
and Organizations Commons
This Dissertation is brought to you for free and open access by the Iowa State University Capstones, Theses and Dissertations at Iowa State University
Digital Repository. It has been accepted for inclusion in Retrospective Theses and Dissertations by an authorized administrator of Iowa State University
Digital Repository. For more information, please contact digirep@iastate.edu.
Recommended Citation
Kim, Hyochung, "Sex and earnings differentials among home-based workers " (1995). Retrospective Theses and Dissertations. 10951.
https://lib.dr.iastate.edu/rtd/10951
INFORMATION TO USERS 
This manuscript has been reproduced from the microfilm master. UMI 
films the text directly from the original or copy submitted. Thus, some 
thesis and dissertation copies are in typewriter face, while others may 
be from any type of computer printer. 
Hie qnali  ^of this reproduction Is dependent open the qualify of the 
copy submitted. Broken or indistinct print, colored or poor quali  ^
illustrations and photographs, print bleedthrough, substandard margirn;  ^
and inqnroper alignment can adverse  ^affect reproduction. 
In the unlikely event that the author did not send UMI a complete 
manuscript and there are missing pages, these will be noted. Also, if 
unauthorized copyright material had to be removed, a note will indicate 
the deletion. 
Oversize materials (e.g., maps, drawings, charts) are reproduced by 
sectioning the original, beginning at the upper left-hand comer and 
continuing from left to right in equal sections with small overlaps. Each 
original is also photographed in one exposure and is included in 
reduced form at the back of the book. 
Photogr^hs induded in the ori^  ^manuscript have been reproduced 
xerographically in this copy. Higher quali  ^6" x 9" black and white 
photogr^hic prints are available for ai^r photogr^hs or illustrations 
s^ypearing in this copy for an additional charge. Contact UMI direct  ^
to order. 
A Bell & Howell Information Company 
300 North Zeeb Road. Ann Arbor Ml 48106-1346 USA 
313/761-4700 800/521-0600 

Sex and earnings differentials among home-based workers 
By 
Hyochnng Kim 
A Dissertation Submitted to the 
Graduate Faculty in Partial Fulfillment of the 
Requirement for the Degree of 
DOCTOR OF PHILOSOPHY 
Department: Human Development and Family Studies 
Major: Human Development and Family Studies 
(Family Resource Management and Housing) 
Approved: 
In Charge of^Major Work 
F^Ae Colle^ 
For the Major Department 
Iowa State University 
Ames, Iowa 
1995 
Signature was redacted for privacy.
Signature was redacted for privacy.
Signature was redacted for privacy.
UHI Number: 9540911 
DMI Microform 9540911 
Copyright 1995, by UMI Company. All rights reserved. 
This microform edition is protected against unauthorized 
copying under Title 17, United States Code. 
UMI 
300 North Zeeb Road 
Ann Arbor, HI 48103 
To my father, Jongman Kim 
and 
my mother, Jungja Chung 
iii 
TABLE OF CONTENTS 
Page 
LIST OF FIGURES vi 
LIST OF TABLES vii 
ACKNOWLEDGMENTS ix 
CHAPTER 1. INTRODUCTION 1 
Purpose of This Study 1 
Importance of This Study 1 
Organization of the Dissertation 3 
CHAPTER 2. THEORETICAL BACKGROUND 4 
A Human Capital Model 4 
A Mode! of Labor Market Discrimination 6 
Tastes for Discrimination 6 
Statistical Discrimination 8 
The Overcrowding Model 9 
CHAPTERS. LITERATURE REVIEW 11 
Earnings Differentials between Men and Women 11 
An Empirical Method Used to Measure Wage Differentials across Sex 11 
Occupational Differences according to Sex 13 
Determinants of Occupational Segregation 14 
Factors Explaining Earnings Differentials between Sexes 16 
Home-based Work and Characteristics 30 
Definitions of Home-based Work 3 0 
Reasons for Choosing Home-based Work 31 
Estimates of the Number and Characteristics of Home-based Workers 34 
iv 
Page 
Conceptual Model 38 
CHAPTER 4. PROCEDURES 41 
Description of Data 41 
Sample Design of 1990 Census Data 42 
Subsampling the 1-Percent PUMS Files 43 
Empirical Model and Hypotheses 43 
Description of Variables 45 
Dependent Variables 46 
Independent Variables 53 
Sample Selection Bias 64 
The Problem of Sample Selection Bias 64 
A Way to Correct Sample Selection Bias 67 
Application of a Correction for Sample Selection Bias 70 
Methods of Data Analysis 71 
CHAPTER 5. FINDINGS 73 
Findings of Discriminant Analysis 73 
Findings of Regression Analysis 77 
Findings of Regression Analysis for All Samples 77 
Findings of Regression Analysis for Managerial and 
Professional Specialty 81 
Findings of Regression Analysis for Technical, Sales, 
and Administrative Support 83 
Findings of Regression Analysis for Service 85 
Findings of Regression Analysis for Farming, Forestry, 
and Fishing 85 
Findings of Regression Analysis for Precision Production, 
Craft, and Repair 88 
Findings of Regression Analysis for Operators, Fabricators, 
and Laborers 88 
Summary of Regression Analyses of Hourly Earnings 91 
Page 
CHAPTER 6. SUMMARY AND IMPLICATIONS 94 
Summary 94 
Major Findings and Conclusions 95 
Implications for Further Study 97 
BIBLIOGRAPHY 100 
APPENDICES 110 
vi 
LIST OF FIGURES 
Page 
Figure 1. Conceptual model 40 
Figure 2. Empirical model 44 
Figures. The problem of sample selection bias 66 
vii 
LIST OF TABLES 
Page 
Table 1. Statistics of dependent variables for the total sample (n = 7,272) 48 
Table 2. Statistics of dependent variables for the on-site worker (n = 7,029) 
and home-based workers (n =243) 49 
Table 3. Statistics for combination of occupation and location of work 
for the total sample (n = 7,272) 50 
Table 4. Statistics of independent variables for the total sample (n = 7,272) 54 
Table 5. Statistics of independent variables for the on-site workers (n = 7,029) 
and home-based workers (n = 243) 57 
Table 6. The means of the predicted probability of choosing occupation 
and location of work (n = 7,272) 74 
Table 7. The results of F statistics in the discriminant analysis (n = 7,272) 76 
Table 8. Regression analysis of earnings on productivity-related characteristics 
and the predicted probabilities (n = 7,272) 78 
Table 9. Regression analysis of earnings on productivity-related characteristics 
and the predicted probabilities for managerial and professional specialty 
(n = 2,118) 82 
Table 10. Regression analysis of earnings on productivity-related characteristics 
and the predicted probabilities for technical, sales, and administrative 
support (n = 2,192) 84 
Table 11. Regression analysis of earnings on productivity-related characteristics 
and the predicted probabilities for service (n = 785) 86 
Table 12. Regression analysis of earnings on productivity-related characteristics 
and the predicted probabilities for fanning, forestry, and fishing 
(n=185) 87 
viii 
Page 
Table 13. Regression analysis of earnings on productivity-related characteristics 
and the predicted probabilities for precision production, craft, and repair 
(n = 938) 89 
Table 14. Regression analysis of earnings on productivity-related characteristics 
and the predicted probabilities for operators, fabricators, and laborers 
(n= 1,061) 90 
Table 15. Summary of six regression analyses of hourly earnings according to 
the occupational category 92 
Table A. Pearson product-moment correlation for all variables (n = 7,272) 111 
Table B. The results of the probit analysis (n = 9,939) 116 
ix 
ACKNOWLEDGMENTS 
Sincere gratitude and thanks to my major professor. Dr. Mary Winter. Without her 
high academic standards, professional leadership, personal advising, and moral support, none 
of this would have been possible. 
Thanks are extended to my other committee members. Dr. Cynthia Fletcher, Dr. Steve 
Garasky, Dr. Peter Orazem, and Dr. Mack Shelley who have offered their expertise and 
advice to aid in the successful completion of this work. 
Special love and thanks to my entire family for their daily prayers, constant love, and 
tremendous encouragement during my graduate at Iowa State University. Especially, thanks 
to my sister, Meera, who was a student at Iowa State University, for her help and 
encouragement. Also I cannot come up with any eloquent words to thank my father and 
mother for all that they have done with love for me. The only recompense I can offer is to 
dedicate this work to them. 
Thanks to my friends, Sookyoung, Eunjoo, Sunny, Hyung-Jae, Hyun J., Marsha, and 
Lynn, for their caring, warmth, and encouragement. 
Finally, thanks to God for giving me the strength and determination to complete this 
work. 
1 
CHAPTER 1. INTRODUCTION 
Purpose of This Study 
The purpose of this study is to examine the earnings differentials between men and 
women among home-based workers, and to ascertain the factors explaining the differentials. 
Specifically, the focus is given to the effect of sex on the simultaneous choice of occupation 
and location of work, and on hourly earnings after controlling for occupation and location of 
work. For this study, the data from Census of Population and Housing, 1990 [United States]: 
Public Use Microdata Sample: 1/10,000 Sample are used. 
Importance of This Study 
The picture of a traditional family in which the husband and the wife each have their 
own domains along sex-stereotyped lines has undergone rapid change with the entrance of 
women into the work force. In the United States, in 1950, women who were employed 
outside the home constituted 29 percent of all workers, and married women represented 52 
percent of women workers. In 1986, women accounted for 45 percent of employed persons, 
and married women were 60 percent of women workers (Dickinson & Leming, 1990). 
The change in the traditional family has profoundly reconfigured the boundaries 
between family and work; the economic support of the family is not the sole province of the 
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man any more, and routine domestic tasks are not the sole role of the woman any longer. 
One result of the change in the family is the burden of women who now work the double day, 
with unpaid domestic work and paid labor. One solution to the burden is to have flexibility 
in setting hours or stretching days in such a fashion that both impaid and paid work can be 
accomplished. For some women, home-based work is seen as one way that offers that 
flexibility. 
Results of technological change and recent political actions have created a more 
favorable climate for home-based work. Advanced computer technology has made it 
possible to transport service-related work away from a centralized work site to home, to 
different regions of the country, or to offshore locations (Berch, 1985; Christensen, 1988; 
Rowe, Stafford & Owen, 1992). In addition, as part of the Reagan administration's 
deregulation policy in 1985, the Labor Department dropped certain restrictions on home-
based work (Stafford, Winter, Duncan & Genalo, 1992). 
In spite of the increase in women's labor force participation, it is a well-known fact 
that, relative to men, women receive lower wages and are employed in lower paying jobs. 
According to Goldin and Polachek (1987), the consensus figure for the earnings gap is about 
50 to 60 percent for full-time female workers in comparison to their male counterparts. The 
earnings gap declined in the early 1950's, stayed virtually constant from the mid-1950's to 
1980, and narrowed again after 1980 (Blau & Ferber, 1992; Madden, 1985). Because these 
unequal economic outcomes are widely dispersed in society, many analyses have focused on 
the subject of sex-earnings differentials. However, until now, most studies have focused on 
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earnings differentials between sexes in on-site workers and have made efforts to find the 
factors explaining the sex-earnings differentials. Consequently, earnings differentials 
between men and women in home-based workers have been disregarded. Therefore, this 
study focuses on the earnings differentials according to sex among home-based workers. 
Organization of the Dissertation 
This dissertation consists of six separate chapters, a bibliography, and appendices. 
The next chapter contains a review of theoretical background for this study. Previous studies 
are discussed in the third chapter. In the following chapter, procedures, the source of data, 
hypotheses, variables, and statistical procedures are described. Following is the findings 
chapter where the results of the study are reported. The summary and implications are 
provided in the last chapter. 
4 
CHAPTER 2. THEORETICAL BACKGROUND 
There has been dramatic increase in women's labor force participation in the post-
World War II period. This increase, in conjimction with a decline in the male labor force 
participation rate, has resulted in a steady narrowing of sex differentials in the extent of 
involvement in market work (Blau & Ferber, 1992). This substantial increase in women's 
participation in paid work has not been accompanied by comparable improvements in their 
economic status as compared with men, however. 
As alternative theoretical explanations for the observed differences in economic 
outcomes between men and women, a human capital model and a model of labor market 
discrimination have been considered. The two models are presented in the following 
sections. 
A Human Capital Model 
Within the economics literature, the hximan capital model is related to supply-side 
explanations focusing on the observation that men and women may come to the labor market 
with different tastes and with different qualifications, such as education, formal training, and 
experience or other productivity-related characteristics. Economists like Schultz (1960), 
Becker (1975), and Mincer (1962) have pointed out that individuals and their families make 
parallel decisions regarding human capital investments. Resources are invested in an 
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individual today to increase his or her future productivity and earnings (Blau & Ferber, 
1992). Formal education, on-the-job training, job search, and geographic migration are 
considered as human capital investments. All these investments are made in the hope and 
expectation that the investment will pay off into the future. 
The human capital model focuses particularly on the traditional division of labor by 
sex within the family under which women can expect shorter and more discontinuous 
involvement in the labor market than can men in relation to earnings differentials between 
men and women. Because women's careers are usually shorter than men's due to child 
rearing and family responsibilities, they have less time to reap the rewards of investments in 
human capital. This short career of women lowers the benefits of investments in schooling 
and training, rendering women less likely than men to make such investment (Ehrenberg & 
Smith, 1990). Earnings of women are fiirther reduced by the depreciation of their stock of 
human capital when they are out of the labor force. It is the differences according to sex in 
human capital investment that account for the wage differential. Furthermore, even for men 
and women with equal ex post levels of job tenure and work experience, women have 
invested less in on-the-job training because their a priori expectations were less than those of 
men who now have the same tenure and work experience (Madden, 1987). Women are 
expected to invest less in human capital than otherwise comparable men workers because 
women expect to spend less time on the job. Therefore, in the human capital model, women 
earn less than comparable men because they have invested less in specific human capital, and 
are, therefore, less productive. 
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A Model of Labor Market Discrimination 
The role of demand-side factors in producing the gender inequality in earnings is 
considered as labor market discrimination. According to Arrow (1973), labor market 
discrimination is defined as "the valuation in the labor market of personal characteristics of 
the worker that are unrelated to productivity" (p. 3). Blau and Ferber (1992) explain that 
labor market discrimination exists "when two equally qualified individuals are treated 
differently solely on the basis of their gender (race, age, disability, etc.)" (p-189). Therefore, 
if labor market discrimination does not exist, profit-maximizing employers in a competitive 
labor market will pay workers in accordance with their productivity. If labor market 
discrimination exists, however, it is expected to affect adversely the economic status of the 
group discriminated against directly by producing differences in economic outcomes between 
men and women that are not explained by differences in productivity-related characteristics. 
Economists have developed a variety of models that can be used to analyze the sex-
earnings differentials. Broadly, they can be divided into three categories: (a) tastes for 
discrimination, (b) statistical discrimination, and (c) the overcrowding model. Each of the 
models is reviewed in relation to sex discrimination. 
Tastes for Discrimination 
Becker (1971) is the foundation for the modem neoclassical analysis of labor market 
discrimination. He conceptualized discrimination as a personal prejudice, or what he termed 
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a taste, against associating with a particular group. In his model, employers, employees, or 
customers all potentially may have such discriminatory teistes. 
Employer discrimination occurs if an employer is prejudiced against women but 
customers and fellow employees are not prejudiced (Ehrenberg & Smith, 1990). That is, the 
employer will act as if there were nonpecuniary costs of employing women equal in dollar 
terms to (the discrimination coefficient). To the employer, the costs of employing a man 
will be his wage, but the full costs of employing a woman will be her wage plus the 
discrimination coefficient (wy + d^. If an unlimited pool of male employees is assumed, the 
discriminating employer will hire women only at a lower wage than men (w„ -dr= wj). On 
the other hand, under the situation that there are limited numbers of male employees, the 
employer may pay more for men than for women. Furthermore, if it is assumed that men are 
paid in accordance with their productivity, women will be hired only if they can be paid less 
than their productivity (Blau & Ferber, 1992). 
The model of employer discrimination is consistent with the inequalities between men 
and women in the labor market. That is, there may be a wage differential between equally 
qualified men and women because discriminatory employers will hire women only at a wage 
discount (Blau & Ferber, 1992). 
A second personal prejudice model emphasizes employee discrimination. If a male 
employee has tastes for discrimination against women, he will act as if there were 
nonpecuniary costs of working with women equal to dg (the discrimination coefficient). This 
is regarded as the premium he must be paid to induce him to work with women. One 
s 
solution to this situation for the employer is to hire a sex-segregated work force. Thus, the 
employer may be able to avoid the higher costs of employing men by segregating his or her 
work force by gender. Although they would work in segregated settings, men and women 
would be paid the same wage rate (Blau Ferber, 1992). 
A third source of discrimination based on personal prejudice is customer 
discrimination. If customers have tastes for discrimination against women, they will act as if 
there were nonpecuniary costs associated with purchasing a good or service from a woman, 
equal to (the discrimination coefficient). As a result, to sell as much as a comparable man, 
a woman would have to charge a lower price (Blau 8c Ferber, 1992). 
Statistical Discrimination 
Another source of discrimination is related to the kind and quality of information used 
in making hiring decisions. Models of statistical discrimination developed by Phelps (1972), 
Arrow (1973), and Aigner and Cain (1977) attribute a different motivation to employers for 
discrimination. 
Statistical discrimination can be regarded as "a part of the screening problem, that 
arises when observable personal characteristics that are associated with productivity are not 
perfect predictors" (Ehrenberg & Smith, 1990, p. 548). Statistical discrimination occurs 
because an employer is faced constantly with the need for decision making under conditions 
of incomplete information. Although he/she carefully obtains information about applicants, 
the employer never knows for certain how long individuals will stay with the firm or how 
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individuals will perform on the job after being hired (Blau & Ferber, 1992). 
Under these uncertainties, if the employer believes that, on average, women are less 
productive or less stable employees, the result may be statistical discrimination against 
individual women. That is, the employer judges the individual woman on the basis of his/her 
beliefs about group averages; the result is discrimination against women in pay or in hiring 
and promotion (Blau & Ferber, 1992). 
The Overcrowding Model 
Bergmann (1974) has developed an analysis of the earnings gap that focuses on 
employment segregation. Bergmann's overcrowding model explains that a male-female 
earnings differential occurs because the occupations available to women are relatively 
limited. Those who want to work for pay are in crowded labor markets and, as a result, face 
lower wages (Ehrenberg & Smith, 1990). 
The result of previous research showing that earnings tend to be lower in 
predominantly female than in predominantly male jobs is consistent with the overcrowding 
model (see, for example, England, 1984). The overcrowding model itself does not explain 
the reason that so many women are employed in typically women's sectors. The model 
suggests, however, that segregation may play a causal role in producing sex-earnings 
differentials. 
The overcrowding model may give a reason for the increase in self-employed home-
based workers among women. As a way to challenge limited opportunities to them in the 
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traditional labor market, the women would choose to become self-employed home-based 
workers. That is, by running their own business at home, women can avoid labor market 
wage discrimination and, consequently command earnings equal to that of men. 
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CHAPTERS. LITERATURE REVIEW 
In this chapter, previous studies for sex-eamings differentials are reviewed. Then, 
previous research regarding home-based workers is reviewed. 
Earnings Differentials between Men and Women 
Although the fact of lower earnings by women of the labor force has been well 
documented, the underlying reasons remain an area of much controversy. Numerous studies 
have attempted to measure sex-eamings differentials, and to find the reasons. In this section, 
how eamings differentials according to sex have been studied previously is reviewed. 
An Empirical Method Used to Measure Wage Differentials across Sex 
In general, the empirical method employed by economists to measure wage 
differentials between men and women uses multivariate regression analysis. The following 
discussion is based on the argument of Madden (1985). 
The approach of multivariate regression analysis uses an ordinary least squares 
regression estimation to control for sex differences in productivity. The general form is: 
Y = Po+ P,X,+ P2X2+... + P„X„, (1) 
where Y is the worker's eamings and Xj through Xn are the worker's characteristics 
including human capital and other potential productivity-related factors. The regression 
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coefficients, PiS, measure the effect of each worker characteristic pCj) on earnings after 
controlling for the effects of the other characteristics included in the regression. The results 
of the statistical significance of the regression coefficient show whether the characteristic is 
associated with earnings. 
The conventional approach to decomposing the earnings differential into a 
productivity and a discriminatory component (Blinder, 1973; Oaxaca, 1973) is to : (a) 
estimate the regression coefficients P separately for men (p"^) and women (p"'); and (b) use 
these estimates to compute the following equation: 
=  X ^ )  P" + (p"^ - p'^) 
where x"^ and x'' are the mean values of productivity-related characteristics for men and 
women workers. The first term, shows the natural logarithm of the ratio of the 
earnings differential by sex because Y represents a natural logarithm; the second term, (X"^ -
X*") P*^, is the earnings differential due to sex differences in the productivity-related 
characteristics by sex; the third term, (p^ - p'') X^, is the earnings differential due to 
discrimination. Thus, in this approach, the portion of the sex-eamings differential is 
determined by (a) estimating the portion of the difference attributable to work-productivity 
related factors, and (b) inferring the remaining, unexplained portion of the differential to be 
discrimination (see for example, Boijas, 1983; Brown, Moon & Zoloth, 1980; Cotton, 1988; 
Butler, 1982; Filer, 1983; Fishback & Terza, 1989; Foot & Stager, 1989; Goldin & Polachek, 
1987; Jones, 1983; Neumark, 1989; Treiman & Roos, 1983). 
Another regression approach is to include both men and women workers in the 
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statistical estimation of Equation (1) and to include sex as a worker characteristic by using a 
dummy variable. The regression coefficient for sex shows the approximate percentage effect 
of sex on wages after controlling for the effect of the other characteristics included in the 
regression equation (see, for example, Greenhalgh, 1980). 
Occupational Differences according to Sex 
It is also well-known fact that there is a difference in the distribution of male and 
female workers across occupational categories, with women eaming less than men. The 
occupational segregation is regarded as one aspect of alleged current labor market 
discrimination against women (Ehrenberg & Smith, 1990). 
According to Blau and Ferber (1992), when the occupational distribution of men and 
women was compared between 1972 and 1989 on the basis of the data from Employment and 
Earnings, January, 1984, and 1990, women tended to be concentrated in administrative 
support and service occupations in both years. In contrast, men were more likely than 
women to be in operator and laborer jobs and in the precision production, craft, and repair 
occupations. In addition, male workers were somewhat more concentrated in executive, 
managerial, and administrative positions than female workers. On the other hand, female 
workers were somewhat more likely to be represented in professional jobs than male 
workers. 
For example, in 1989,46 percent of all women workers were in administrative 
support and service occupations, whereas only 15.3 percent of men were. In addition, 40 
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percent of male workers were employed in operator and laborer jobs and in the precision 
production, craft, and repair occupations, compared to only 11 percent of women. Although 
there were some notable changes between 1972 and 1989, so that women were less 
concentrated in administrative support and service occupations in 1989 than they were in 
1972, overall trends showed that considerable gender differences in occupational 
distributions remained (Blau & Ferber, 1992). 
Another aspect observed in the comparison between those years is that there was a 
difference of the distribution between sexes within the same occupational category. For 
example, men were more likely to be concentrated in lucrative professions such as law, 
medicine, and engineering, whereas women were more likely to work in elementary and 
secondary school teaching and nursing, although the representation of men and women in the 
professional category was about the same (Blau & Ferber, 1992). 
These observations imply that women are heavily overrepresented in the low-paying 
occupations. In addition, occupational difference is one significant factor in explaining the 
sex-earnings gap, as will be shown in the following section. 
Determinants of Occupational Segregation 
Some previous studies have focused on the determinants of sex segregation in 
occupations employing both men and women. In the study of Beller (1982), the human 
capital and discrimination explanations of occupational segregation were tested. According 
to the human capital explanation, developed by Polachek, "women choose to enter 
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occupations for which earnings losses from anticipated absences from the labor force over the 
life cycle will be the smallest (Seller, 1982, p. 372)." That is, the human capital explanation 
for women's labor market choices emphasizes sex-role differentiation between men and 
women. 
On the other hand, the discrimination explanation focuses on employer choices. 
According to this approach, "because women face barriers to entry into certain occupations, 
they tend to become crowded into a small number of occupations without barriers (Beller, 
1982, p. 372)." That is, occupational segregation is caused by employers discriminating 
against women in their hiring of occupations. Using the U. S. Census Bureau's Annual 
Demographic File of the 1975, 1972, and 1968 Current Population Survey (CPS), the study 
found that women who worked part time were less likely to be employed in male 
occupations, defined as ones in which the men's share of employment exceeds their share of 
the experienced civilian labor force by five or more percentage points, than women who 
worked full time. Men who worked part time were a little less likely to be in male 
occupations than men working full time. Single women were slightly more likely than 
married, spouse-present women to be employed in male occupations. In addition, as the 
number of children increased, the likelihood that a working woman was employed in a male 
occupation increased. Finally, the study found that the enforcement of Equal Employment 
Opportxmity (EEO) laws narrowed the sex differential in the probability of being employed in 
a male occupation. This finding implies that discrimination against women in the male 
occupations was a significant determinant of occupational segregation and that EEO laws 
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reduced barriers to the entry of women into male occupations. 
The study of Lyson (1985) focused on organizational characteristics of the workplace 
as determinants of occupational segregation, along with personal attributes. Using data from 
the Equal Employment Opportunity Commission, the study found that minorities were more 
likely than whites to hold low-status unskilled and service jobs. The results of multiple 
regression showed that firms in the core sector, small employers, and cooperate headquarters 
had more occupational segregation according the race and sex than their counterparts in the 
periphery, large employers, single establishments, or branch plants. This study also found 
that there was more occupational segregation in rural areas than in SMSAs. 
Factors Explaining Earnings Differentials between Sexes 
Although previous studies provide substantial evidence that there is a sex-earnings 
differential, there is variation in the estimates of the magnitude. The variation is probably 
due to differences in the source of data, samples, and time periods used, and in the 
measurement of factors included in the models across studies. 
Many studies have focused on human capital aspects such as education (Boijas, 1983; 
Brown, Moon, & Zoloth, 1980; Cotton, 1988; Dolton & Makepeace, 1986; Dolton & 
Makepeace, 1987; England, 1984; Filer, 1983; Foot & Stager, 1989; Goldin & Polachek, 
1987; Gronau, 1988; Jones, 1983; Kamalich & Polachek, 1982; Neumark, 1989; Siebert & 
Young, 1983; Treiman & Roos, 1983; Ward & Mueller, 1985), experience (Borjas, 1983; 
Cotton, 1988; Dolton & Makepeace, 1986; Dolton & Makepeace, 1987; England, 1984; Filer, 
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1983; Goldin & Polachek, 1987; Gronau, 1988; Jones, 1983; Kamalich & Polachek, 1982; 
Siebert & Young, 1983; Treiman & Roos, 1983; Ward & Mueller, 1985), and tenure 
(Gronau, 1988; Kamalich & Polachek, 1982; Neumark, 1989), in addition to individual 
characteristics such as age (Brown et al, 1980; Dolton & Makepeace, 1986; Dolton 8c 
Makepeace, 1987; Filer, 1983; Foot & Stager, 1989; Gronau, 1988; Neumark, 1989; Siebert 
& Young, 1983), marital status (Brown et al., 1980; Cotton, 1988; Dolton & Makepeace, 
1986; Dolton & Makepeace, 1987; Filer, 1983; Foot & Stager, 1989; Gronau, 1988; 
Neumark, 1989; Treiman & Roos, 1983; Ward & Mueller, 1985) and region (Boijas, 1983; 
Brown et al., 1980; Cotton, 1988; Foot & Stager, 1989; Neumark, 1989), as the variables 
representing the explained portion. For example, in Neumark's (1989) study, education, 
experience, age, region, urban/rural, union membership, marital status and race explained 43 
percent of the wage differentials between men and women; the remaining 57 percent was 
interpreted to be discrimination. 
Jones' (1983) study using data from the 1976 Australian census found that differences 
in hours worked, sex typing of the job, schooling and potential work experience reflecting 
women's discontinuous labor force participation accounted for 51 percent of the observed 
income gap. Adjusting for differences in worker characteristics raised the female/male 
income ratio from 65 percent to 79 percent, leaving an unexplained residual of just over 20 
percent. 
In a study considering wage differentials across sex and race together, Cotton (1988) 
foimd that black female wage eamers faced greater wage discrimination than their white 
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female or black male counterparts. The difference between black male and black female 
labor market skills explained 21 percent of their wage differentials, whereas the other 79 
percent could be attributed to the better labor market treatment for black males. On the other 
hand, the difference in white female and black female skills explained 52 percent of their 
wage gap, whereas the other 48 percent was due to the better treatment of white females. In 
other words, sex discrimination seems to be relatively more problematic for black females 
than racial discrimination. 
Similar results were found in the study of Borjas (1983) measuring race and sex 
differences in earnings in the federal bureaucracy. The study showed that, across federal 
agencies, there is a positive correlation between wage differentials based on race and those 
based on gender. In addition, it was found that the low relative wage of black females is 
more a result of their sex than of their race, that is, they are women rather than they are black. 
Robinson and Wimnava (1989) estimated discrimination against women using a 
stochastic earnings frontier with a discrimination discount. In their study, an earnings 
frontier for women that depended on marginal productivity as measured by human capital 
and labor market discrimination of women was estimated. Direct discrimination was defined 
to be the difference between eamings and a stochastic earnings frontier. Estimates made 
using the 1983 Current Population Survey (CPS) data indicate that full-time, non-union 
female hourly eamings would be up to 25 percent higher in the absence of direct 
discrimination. Specifically, hourly eamings increased about 7 percent for each year of 
education obtained and about 3 percent for each year of tenure at the current job. Each year 
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of age also increased hourly earnings about 3 percent. 
Laband and Lentz (1993) examined sex discrimination against women in the legal 
profession using the data from the 1984 American Bar Association Survey of Career 
Satisfaction/Dissatisfaction. This study failed to observe statistically significant differences 
between male and female lawyers vis-a-vis promotions and hourly earnings. However, this 
study found significant differences between men and women with respect to overall job 
satisfaction. 
In relation to the human capital model, many studies have assessed women's 
interrupted career in the labor force to measure the eamings differentials between men and 
women. One way to obtain the extent of market discrimination is to measure the relative 
eamings of women who have never married in that these women are not engaged in raising 
children and in the household work, usually the responsibility of married women (Ehrenberg 
& Smith, 1990). Fishback and Terza (1989) controlled male and female traditional economic 
roles in the household to measure sex discrimination in wages by using the Panel Study of 
Income Dynamics (PSID) data. Results were that (a) never-married males earned about 32 
percent less per hour than married males, (b) never-married females earned 1.1 percent less 
than married females, and (c) child-care responsibilities lowered female eamings between 2.3 
to 3.2 percent per child ever bom. When restricting the sample to never-married workers, 
however, the study found that employer discrimination was almost nonexistent and 
employers might even discriminate in favor of women. 
Coverman (1983) assessed the relative influence of domestic labor time on male and 
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female wages. He defined domestic labor time as the time spent on housework and child 
care. In addition to domestic labor time, the study included other independent variables such 
as age, number of children, spouse's child care time, education, sex-role attitudes, hours 
spent in market work, establishment size operationalized by the question, "About how many 
people work for your employer at the location where you work?" (p. 628), union 
membership, sectoral location of employment (core vs. periphery), and social class (working 
class vs. nonworking class). The study found that increased domestic labor time contributed 
to lower earnings for both men and women. However, there were no significant differences 
by sex in the amount of lowered earnings due to domestic labor time. This finding appears to 
contradict other research that has found that males with more responsibility for marriage or 
children earned more than single males, but that there is a lack of wage differential among 
women, regardless of their level of familial responsibility (see for example, Fishback & 
Terza, 1989; Siebert & Young, 1983). In addition, Coverman foimd that housework and 
child care time decreased nonworking class women's wages more so than working class 
women's wages. 
In Goldin and Polachek's (1987) study, when appropriate account was taken for life 
cycle differences in labor force expectations between men and women, 89 percent of the 
earnings differentials was explained in 1960, and 78 percent in 1980 for the married samples. 
For single males and females, two groups with relatively small earnings differences, 38 
percent in 1960 and 43 percent in 1980 of the remaining differentials were explained. Thus, 
this study suggests a large percentage of the difference in earnings between the sexes resuhs 
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from different expectations of future employment. 
Gronau (1988) focused on the relationship among wages, planned separations, on-the-
job training, and the skill intensity of the job to measure sex-earnings differentials. He found 
that job requirements and on-the-job treiimng explained half of the wage gap. In support of 
the traditional view, he found that women's labor force participation decisions were more 
sensitive to their family enviroimient than men's. On the other hand, the direct contribution 
of schooling, labor force experience, and tenure was relatively small, about 4 percent. 
For displacement of workers. Madden (1987) examined whether the sex differential in 
wages could be attributed to the unobserved differences in human capital investment that 
arose from different expectations of lifetime labor force participation or to sex discrimination 
in the labor market. The study indicates that, when women invested less than comparable 
men in job-specific human capital on the jobs from which they were displaced, women were 
expected to suffer lesser wage losses from displacement than men. In addition, when women 
faced a labor market that offered them less opportunity, women were expected to suffer 
greater wage losses from displacement than men when they were displaced from similar jobs. 
The results suggest that the sex-wage differential arises from discrimination in the labor 
market and not from unobserved lower rates of investment by women in on-the-job training. 
The importance of the woman's interrupted career is considered in the studies of other 
developed countries. Greenhalgh's (1980) study, analyzing average hourly earnings by 
marital status for men and women in Great Britain, using data derived from the General 
Household Surveys of 1971 and 1975, found that (a) the unexplained differential between 
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single men and single women was 24 percent and (b) the unexplained differential between 
single and married women was 12 percent. In the latter case, a possible interpretation of the 
unexplained differential would be the commitment of family roles as wives of married 
women. 
The study of Siebert and Young (1983) focusing on the library profession in Great 
Britain found that the earnings functions for single men and single women could be taken to 
be the same, and the earnings ratio of single men to single women was close to unity. By 
contrast, there was a significant difference between earnings functions for married men and 
single men, and also between functions for married and single women. The ratio of single to 
married men's pay was 9 to 14 percentage points less than measured characteristics; the 
corresponding difference for the ratio of married to single women's pay was -1 to 2 
percentage points. Moreover, within the group of married men, the earnings function for 
those with children was significantly different firom the earnings function for those without 
children. These resuhs imply that, if some librarians suffer discrimination, the explanation 
appears to lie not in their sex per se, but in their marital status and family responsibilities. 
Some studies have focused on individual tastes to measure sex-eamings differences. 
In Filer's (1983) study, individual personalities and tastes were incorporated into male and 
female earnings equations and their effects on discrimination were analyzed. Individual 
personalities were assessed by including personal background characteristics such as race, 
age, past military service, and measures of childhood envirormient represented by the 
individual's father's socioeconomic status, as well as the individual's marital status, industry 
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and occupation, experience, education, cognitive human capital measured by verbal and 
quantitative skills, and affective human capital assessed by personality factors. Tastes 
including job satisfaction, security, power, occupational prestige, social prestige, income, 
family life, religious activities, community activities, freedom for travel and recreation, and 
contribution of job to security were ranked by each individual according to their relative 
importance. Results indicated that (a) the problem of discrimination appeared to be 
substantially less for women with college degrees than for those who stopped their formal 
education after leaving high school, and (b) the areas where there appeared to be the strongest 
cases to be made for measurable labor market discrimination against women were with 
regard to returns to experience and to gaps in work histories. This study especially suggests 
that at least some of the imexplained portion in previous studies represents the omitted 
factors of taste and personality. 
Other studies have documented the link between sex differences in occupations and 
earnings. That is, these studies have emphasized that differences in the occupational 
distribution of men and women comprise an equally important source of the aggregate wage 
differentials. Brown et al. (1980) allowed for variation both in occupational distribution and 
in wages resulting from differences in job qualifications and productivity indicators, using 
the data from the National Longitudinal Survey (NLS). A multinomial logit model for the 
occupational distribution of women showed that there were many more men than women in 
managerial and skilled labor jobs and many fewer men than women in clerical and service 
workers. In addition, using regression estimates of wages as a function of productivity 
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measures for men and women in each occupation, the study found that only 14 to 17 percent 
of the total wage differential resulted tirom differences in endowments and that more of the 
unexplained difference resulted from within, rather than across, broad occupational 
categories. That is, the findings suggest the initial picking of a job is an important factor in 
explaining sex-eamings differentials. 
Using Current Population Survey (CPS) data. Beck, Horan, and Tolbert (1980) 
examined differential returns to race and sex to utilize the nature of sectoral differences as a 
social structural explanation for why wage returns to various persons vary as they do. The 
study was based on the theory of the dual economy that posits that the modem industrial 
economy has evolved into a dualistic structure with one sector characterized by oligopolistic 
capitalism and the other by competitive capitalism. The industrial core of the economy is 
one with the former, whereas the periphery sector is organized on the basis of the latter. 
Firms in the core sector are characterized by high product market concentration, product 
diversification, high profit margins, capital intensiveness, sophisticated internal labor 
markets, extensive unionization, high job-skill requirements, high wage rates, and low 
worker turnover. On the other hand, the firms in the periphery tend to have low profit 
margins, undeveloped internal labor markets, low job-skill needs, low wage rates, minimal 
on-the-job training, and high worker turnover (Beck et al., 1980). On the basis of the theory, 
the study was particularly concerned with whether the differences in earnings across sectors 
were due to differences in race/sex or to human capital factors such as education and other 
credentials. Controlling for the effects of human capital factors, they found that the effects of 
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race and sex did not disappear. That is, differences in earnings reflected variation in race and 
sex. In addition, they found that the costs to minorities were greater within the core sector 
than in the periphery, and within each sector, absolute dollar costs were higher for females 
than for males. These findings suggest that sex discrimination is more severe than race 
discrimination in both sectors. 
Based on two different explanations of occupational sex segregation, England (1984) 
examined the effect of occupation segregation on earnings. According to the first 
explanation for occupational sex segregation, proposed by Polachek, "women who anticipate 
intermittent employment may maximize lifetime earnings by choosing an occupation with 
low depreciation penalties" (p. 728). That is, because traditionally male occupations entail 
greater risk of depreciation over time for intermittently employed persons, women choose to 
be employed more in traditionally female occupations in order to compensate for the inability 
to compete with continuously employed men in any traditionally male occupations. The 
second explanation, proposed by Zellner, emphasizes that "many women optimize lifetime 
earnings by choosing occupations with high starting wages but low wage appreciation, while 
men optimize in occupations with high appreciation" (p. 726). That is, jobs offering more 
potential for appreciation have lower starting wages, but, given the investment of earlier 
years in training, there is higher appreciation over the long run. Given these differential 
choice patterns between men and women, the segmentation supposedly results between 
traditionally male occupations and traditionally female occupations. Using data collected in 
1973, England found that, contrary to the major assumptions by Polachek and Zellner 
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models, women did not have pecuniary reasons for pursuing traditionally female jobs. That 
is, women earned more in traditionally male occupations than in traditionally female 
occupations. From this finding, the author suggests that analysis must be made on the nature 
of nonpecuniary motivations such as those controlled by sex role socialization. 
England, Chassie, and McCormick (1982) examined whether there existed variant 
skills (training requirements, cognitive, perceptual, manual, and social) between traditionally 
male and traditionally female occupations and whether there existed differential sex-based 
wage returns to occupations of similar skill. Results from the 1970 census data show that (a) 
cognitive and training requirement skills affected earnings the most, (b) sex differences were 
only found to occur with respect to the performance of manual and social skills attached to a 
job; however, these differences in skill were not found to translate into differences in pay, 
and (c) sex-based discrimination persisted in spite of equivalency in that occupational skill 
had the most bearing on earnings determination. 
Using data from a university. Fox (1981) examined three hypotheses related to 
competition, concentration, and compensation to explain the sex-based earnings 
discrimination in relation to sex segregation. The competition hypothesis suggests that the 
entrance of minorities/women into an occupational category depresses overall income levels 
in that category. The concentration hypothesis suggests that female salaries are higher in 
male-dominated, as opposed to female-dominated, units. The compensation hypothesis 
suggests that men must be salary-compensated when having to work with women. Fox found 
none of the hypotheses to be supported by the data, however. Rather, the study showed that 
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(a) regarding the competition hypothesis, the effect of the entiy of women into a male-
dominated unit on overall salaries in that unit was found to have more to do with the 
attainments of the men in that unit than with the unit's sex composition, (b) regarding the 
concentration hypothesis, female attainment levels, not the sex composition of units, were 
found to be determinants of female salary levels, and (c) regarding the compensation 
hypothesis, units with higher proportions of women had more sex-equivalent salaries. 
The study of Treiman and Roos (1983) examined the viability of three alternative 
explanations to lower female wages across all industrialized coimtries (Austria, Denmark, 
Finland, Federal Republic of Germany, Israel, Netherlands, Norway, Sweden, and United 
States). The three competing explanations are (a) human capital, (b) occupational 
segregation, and (c) dual career of women for labor market and household responsibilities. 
They found that, across all nine countries studied, men and women were found to work in 
very different kinds of jobs; women tended to be overrepresented in high-prestige clerical 
occupations and in low-prestige sales and service employment, and underrepresented in 
administrative occupations and in high- and medium-prestige production occupations. In 
addition, this study rejected all three alternative explanations to sex discrimination; (a) 
gender differences in human capital were found to be small, although differential returns to 
such human capital were found to be large; (b) there were no gender differences with respect 
to prestige and other elements attached to particular positions, whereas tl\ejjifferential returns 
to such occupational attributes by sex were found to be large; and (c) marital status was not 
found to affect the earnings of women. 
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The study conducted by Foot and Stager (1989) examined earnings differentials by 
including a market effect that measured the change in earnings that would occur if both the 
composition and the pay structure were to remain unchanged over time. The incorporation of 
the market effect makes possible the measure of "the intertemporal interaction effect that 
captures the net result of changes in the earnings coefficients associated with changes in each 
of the characteristics" (Foot & Stager, 1989, p. 1025). The study first decomposed earnings 
differentials that occurred in 1970 and 1980 between male and female lawyers in Canada. 
The sex-eamings differential in 1970 was found to be 50.7 percent of the male earnings. 
Differences in the composition of each gender group explained 61 percent of the sex-eamings 
differential, primarily due to differences in age, and the remaining 39 percent included 
variations in the pay structure, some of which could be regarded as discrimination. By 1980, 
the sex-eamings differential had declined to 42.2 percent. One-half of the earnings 
differential was accounted for by differences in personal and employment characteristics, and 
the residual component was due to omitted variables or discrimination. When the 
intertemporal change in the sex differential was considered, results showed that the male-
female earnings differential narrowed over time: a gender differential in 1970 ($25,341) 
narrowed by 29.4 percent ($17,896) by 1980. This result was found to be reflected mainly in 
reducing the incomes of male lawyers rather than increasing the incomes of female lawyers. 
A small number of studies have tried to explain earnings differences between men 
and women by focusing on employee discrimination. Ragan and Tremblay (1988) tested an 
employee discrimination model using the National Longitudinal Surveys (NLS). The study 
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found that there was empirical evidence of employee discrimination by race. The hypothesis 
of employee discrimination by sex was also tested. However, the data were not compatible 
with employee discrimination on the basis of sex; employees, both male and female, received 
lower wages when they were employed in a female-intensive work force. Ragan and 
Tremblay suggest that the finding can be interpreted by the overcrowding model. When 
females are crowded into female-intensive occupations, it is expected that wages there will be 
depressed for all workers, male and female. 
Among previous research, only one study has focused on sex-earnings differentials 
among the self-employed workers. Moore (1982) examined the extent of employer 
discrimination by sex and race by comparing the earnings of self-employed workers to their 
wage and salary counterparts. According to the study, the existence of employer 
discrimination as a major source of earnings differences according to race or sex led to the 
following predictions regarding earnings differences by race or sex for wage and salary 
workers versus their self-employed counterparts: (a) self-employment as a method of 
avoiding racist or sexist employment practices should result in a higher black/white or 
female/male earnings ratio among the self-employed workers than their wage eaming and 
salaried counterparts, and (b) blacks or women should be relatively "overrepresented" among 
the self-employed compared to other areas of the economy. Results from the analysis of the 
1978 Current Population Survey indicated that black/white and female/male earnings ratios 
were no larger for self-employed workers compared to their wage and salary coimterparts, 
even after making various attempts to adjust for differences in other variables that affect 
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earnings and to limit the influence of consumer discrimination on the resuhs. 
Home-based Work and Characteristics 
In this section, the definitions of home-based work are reviewed. Then, why a person 
is more likely to become a home-based worker is considered. Finally, the estimates of the 
number of home-based workers and their characteristics are also provided. 
Definitions of Home-based Work 
There are no consistent terms and definitions regarding home-based work, although it 
has received increased attention in the past 10 years. Work performed away from a central 
work site is referred to by such terms as cottage work, work-at-home, homework, and remote 
work. 
In the May, 1985, Current Population Survey (CPS), the Bureau of Labor Statistics 
asked respondents whether "as part of... (the worker)'s regularly scheduled work, does ... 
(he/she) do any of (his/her) work for... (the principal employer) at home?" (Horvath, 1986, p. 
31) as its first attempt to ascertain the size of the home-based work force. For his analysis of 
these data, Horvath (1986) defined home-based workers as those who worked at home at 
least 8 hours a week at their primary job. By that definition, home-based workers included 
farmers and individuals who took work home to do as part of their regularly scheduled work 
on a primary job. 
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Kraut and Grambsch (1987) defined home-based workers as people who work at 
home as their principal place of work. On the other hand, Heck (1988) defined home-based 
work as "employment in which workers do not travel to their place of employment or in 
which the amount of travel varied" (p. 17). Christensen (1988) used home-based work "... to 
characterize any paid work done in the home regardless of the employment status of the 
worker" (p. 2). 
The differences in the definitions of home-based work firom study to study gives rise 
to difficulties in comparing data collected on home-based workers. Limiting the definition to 
those who work at home a minimum amount of time on a primary job, as Horvath (1986) did, 
would exclude people with second jobs that are done at home in addition to their primary 
employment, and would include people whose primary workplace is not at home. For 
example, teachers who spend eight hovirs a week preparing class materials or grading papers 
at home would be included, whereas moonlighters and persons working at home on a second 
job would be excluded. 
Reasons for Choosing Home-based Work 
Carsky, Dolan and Free (1991), and Heck (1988) reported that the net dollar income 
produced fi-om some kinds of home-based work was often less than that for the on-site 
worker. In spite of this disadvantage, many reasons why people choose home-based work 
can be considered. One potential reason may be that home-based work seems to offer the 
opportunity to earn money and at the same time provide child care as needed (Carsky et al.. 
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1991; Heck, 1992). Following this line of reasoning, Horvath (1986) suggests that home-
based work provides a chance for some parents to handle their responsibilities both as a 
parent and as a worker more effectively. His argument is based on the finding that about 
600,000 married mothers of children under age 6 were engaged in some home-based work in 
1985 and, among nonfarm workers working for at least 35 hours a week at home, there were 
three times as many women with young children as there were men. 
According to Costello (1987), the advantages of home-based clerical employment for 
working women are: (a) the ability to coordinate family and wage-earning responsibilities, 
(b) the opportunity to exercise some control over work hours, (c) freedom from direct 
personal supervision, (d) savings on meals, commuting costs, clothing, and day care, (e) the 
opportunity to earn a supplemental income, and (f) the opportunity to retain ties to the labor 
force while caring for children or other family members. 
As reasons for choosing to work at home, Behr and Lazer (1983) and Wolfgram 
(1984) stated dissatisfaction with the environment of on-site work, the desire to be 
independent, and the challenge and responsibility of being one's own boss. According to 
Bacon (1989), people chose to work at home in order to avoid tiring commutes and other 
daily hassles. In addition, these people enjoyed the comforts of home and may have more 
time to think and to wear what they please. 
Ramsower (1985) provides several social and technical reasons for doing 
telecommuting. The first social reason for telecommuting is related to quality of life: 
a more satisfactory work environment and greater flexibility in work hours can give greater 
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motivation and job satisfaction and reduced turnover for the organization. The second social 
reason for telecommuting is based on "the development of large central business districts 
which have increased the commuting distances of workers" (Ramsower, 1985, p. 6). A third 
reason for telecommuting depends on the changes in attitudes toward the family unit. For 
example, for the elderly and handicapped, telecommuting enables the workers to have 
opportunities to utilize valuable skills that could not be used otherwise. Besides the social 
reasons, advances in information and communications technologies, such as low-cost 
computer power and electronic communications services, have increased interest in working 
at home (Ramsower, 1985). 
To explain why people chose to be home-based workers, Carsky et al. (1991) used the 
concept of maximizing utility. They explained that the decision depended on workers' 
abilities and preferences for money, income and production of home goods implicit in 
meeting family demands (e.g., child care, meals, and housekeeping). That is, the decision to 
engage in home-based work depends on the hourly wages and costs of production, efficiency 
in the production of home goods, and the degree to which workers could produce money 
income and home goods simultaneously. Therefore, although home-based work may yield 
less income than on-site work, a person may decide to engage in home-based work if the 
home-based work makes it possible to produce more home goods. 
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Estimates of the Number and Characteristics of Home-based Workers 
Generally, previous research has focused on estimates of characteristics of home-
based workers. As is obvious from the previous discussion, the way in which home-based 
work has been defined has influenced the estimates, especially estimating the number of 
workers who are engaged in home-based work. An estimate based on the May, 1985, 
Current Population Survey showed that 17.3 milHon Americans were involved in some type 
or amount of home-based work in nonfarm occupations and that 8.4 million people or over 
11 percent of the nonfarm labor force worked at home at least eight hours per week (Horvath, 
1986). Of the 6 percent who worked at home full-time (35 hours per week), nearly 70 
percent were business owners in home-based unincorporated businesses. 
In Heck's (1988) study, using the 1984 Panel Study of Income Dynamics (PSID) 
data, approximately 6.1 percent of 6,744 workers were identified as home-based workers. 
Almost two-thirds (63 percent) of home-based workers were self-employed. The mean 
income of home-based workers (in 1983 dollars) was $12,142, which was significantly lower 
than other workers ($17,017), although home-based workers worked more hours on their jobs 
than did their on-site counterparts. 
Analyses based on the 1980 Census of the Population showed that 1.3 million people 
or 1.6 percent of the nonfarm labor force worked at home as their primary place of 
employment on their primary job (Kraut & Grambsch, 1987). The study also showed that 
home-based workers eamed substantially less than nonhome-based workers: full-time home-
based workers received 70 percent of the income of conventional workers. 
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Recently, Deming (1994) estimated the size of the home-based work force using the 
May 1991 Current Population Survey (CPS). He found that there were 20 million nonfarm 
employees, more than 18.3 percent of the employed labor force, working at home. Among 
them, only 30 percent worked at home for more than 8 hours per week, while only 1 in 20 
worked at least 35 hours a week at home. In addition, more men than women worked for 
pay at home for more than 8 hours, but about 3.2 percent of all men and 3.5 percent of all 
women were in this category. In addition, women with children under age 18 were more 
likely to work at home for at least 8 hours a week than women without very young children. 
One of the patterns of the previous research is that home-based work has been defined 
as work associated with the primary job. Consequently, home-based workers who are 
engaged in multiple jobs to eke out sufficient income for survival have not been analyzed. 
Using data collected by a nine-state regional research project, Stafford et al. (1992) 
estimated that 1,109,284 households in the nine states had a home-based worker who met the 
study criteria (at least 312 hours annually, and participation for at least a year in an activity 
that was not production agriculture). With the same data, Rowe et al. (1992) examined the 
structural organization of the households of home-based workers. In their study, the largest 
numbers of home-based workers were living in families in which the household manager was 
married and children were present (60.9 percent), followed by adult-only families (household 
manager married, no children present; 24.5 percent); nonfamily households (household 
manager not married; 10.7 percent); and single-parent families (household manager not 
married, children present; 3.8 percent). 
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Loker and Scannell (1992) found that 90 percent of the home-based workers were 
covered by health insurance, of which 44 percent were covered through another job. They 
also found that male home-based workers had higher net incomes than female home-based 
workers. In their study, home-based workers in marketing/sales, mechanical/transportation, 
and contractor occupational categories had higher net incomes than other occupational 
categories. 
In the comparison of home-based business owners and wage earners, Masuo, Walker, 
and Furry (1992) found that business owners were older, had lived longer in their 
communities, were more likely to own their homes, to be involved in seasonal work, and to 
be part-time workers. However, the business owners were much less likely than the wage 
earners to be in marketing and sales occupations. Furthermore, they found that net annual 
home-based income of the business owners was considerably lower than that of the wage 
earners. 
According to Rowe and Bentley (1992), who examined several characteristics of 
home-based work in relation to family structure and gender of the home-based worker, 
women in single-parent families (household manager not married but lived with one or more 
children) and full-nest families (household manager married and lived with one or more 
children) did the most restructuring of work time and space and women home-based workers 
generated less income from the work than men. They also found that male home-based 
workers experienced less conflict between family and work scheduling, and were more likely 
to have an exclusive work space. 
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Heck, Saltford, Rowe, and Owen (1992) examined the factors related to the likelihood 
of using child care services among a sample of households with both a home-based worker 
and a child designated as needing care. Using a logit equation, they found that gender was 
not associated with the use of child care services by home-based workers. In addition, 
having a high family income, being a single-parent, and the presence of a two-year-old child 
increased the likelihood of using child care. In contrast, being an older worker, having a 
child who was one year or less or children who were 11 to 12 years, and having a less 
professional occupation decreased the likelihood of using child care. Business OAvners hiring 
employees or using services increased the likelihood of usage, whereas self-employment 
decreased the likelihood usage. 
Using an ordinary least squares regression analysis, Heck (1992) examined the effect 
of children on seven major home-based work dimensions; total home-based work hours, total 
family income, years engaged in home-based work, ownership of a home-based business, 
whether employees or services were hired, seasonality of the work and occupational rank. 
The results show that having a child equal to or under 18 years of age reduced home-based 
work hours by 407 hours per year. A child under 6 years of age significantly reduced the 
likelihood of being a business owner and being involved in seasonal home-based 
employment. In addition, home-based business owners with children used child care services 
less than nonowners. 
Walker, Furry and Masuo (1993) examined the determinants of hours worked and 
income earned by gender for home-based business owners. The results show that age, having 
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a outside job, and being a sole owner negatively influenced hours worked of both men and 
women; when they were young, and were not employed outside the home and there was a 
partnership or corporation in the home business, the home-based workers were likely to 
spend higher amounts of time in home-based work. On the other hand, the presence of young 
children had a negative effect on women's net home-based business income in contrast to a 
positive influence on men's income: women with young children earned less money than 
women without young children, and men with young children made more money than men 
without young children. In addition, working in female-dominated occupations, defined as 
75 percent or more of the owners being women, significantly reduced net business income 
for females, and the hours worked and net business income for males. 
Conceptual Model 
Although there have been increased concems about the home-beised workers, the 
reasons for sex-earnings differentials among those groups are rarely examined. As seen in 
the literature review, there are many home-based workers who are self-employed. Therefore, 
employer, employee, and statistical discrimination that have been used for on-site workers is 
less likely to be applicable to explain the earnings differentials between men and women 
among home-based workers. Rather, other aspects, such as the overcrowding model or 
customer discrimination could play an important role in explaining the earnings differentials, 
along with the human capital model. 
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On the basis that the objective of this study is to examine the effect of sex on the 
simuhaneous choice of occupation and location of work, and on hourly earnings within the 
same occupational category, the conceptual model is illustrated in Figure 1. This model 
shows that (a) productivity-related characteristics of the worker and other exogenous 
identifiers such as housing characteristics of the worker affect simultaneous choice of 
occupation and location of work, and (b) productivity-related characteristics of the worker 
affect earnings, given the occupation and location of work. 
Productivity-related characteristics of the worker 
J) 
Choice of occupation and 
location of work 
Figure 1. Conceptual model 
Exogenous identifiers 
Earnings 
ji. 
o 
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CHAPTER 4. PROCEDURES 
In this chapter, the data used for this study and the variables necessary to test the 
empirical model are described. Finally, the methods of analysis are outlined. 
Description of Data 
For this study, the data from Census of Population and Housing, 1990 [United 
States]: Public Use Microdata Sample: 1/10,000 Sample are used. The data of Census of 
Population and Housing, 1990: Public Use Microdata Sample; 1/10,000 Sample were made 
by the Inter-university Consortium for Political and Social Research (ICPSR). The data 
consisted of 1 percent of the cases in the second release of Census of Population and 
Housing, 1990 [United States]: Public Use Microdata Sample (PUMS): 1-Percent Sample. 
As 1 percent of the 1-Percent PUMS, the file constituted a l-in-10,000 sample, eind contained 
all housing and population variables in the original 1-Percent PUMS. The l-in-10,000 
sample was extracted from the 1-Percent PUMS by ICPSR using a systematic selection 
procedure (U. S. Department of Commerce, Bureau of the Census, & Inter-university 
Consortium for Political and Social Research, 1992). 
The 1-Percent PUMS was derived from responses to the 1990 Census long-form 
questionnaire. The sample was a 1-percent stratified sample of housing unit and persons 
enumerated in the 1990 Census. The long-form questionnaire was administered to 
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approximately 15.9 percent of households counted by the Census (U. S. Department of 
Commerce et al., 1992). 
Sample Design of 1990 Census Data 
Every person in the United States was asked basic demographic questions such as 
age, race, relationship to the householder and housing value. A sample of these persons was 
asked more detailed questions about such items as income, occupation, and housing costs as 
well as the basic demographic and housing information. 
The primary sampling unit for the 1990 census was the housing imit, including all 
occupants. For persons who live in group quarters, the sampling unit was the person. 
Persons in group quarters were sampled at a l-in-6 rate (U. S. Department of Commerce et 
al., 1992). 
Approximately 95 percent of the population was enumerated by the mailback 
procedure. For these areas, the Bureau of the Census either purchased a commercial mailing 
list, which was updated by the United Sates Postal Service and Census Bureau field staff, or 
prepared a mailing by canvassing and listing each address in the area prior to Census Day. 
Sample units were electronically designated from these lists after they were computerized. 
The questionnaires were either mailed or hand delivered to the addresses with instructions on 
how to complete and mail back the form (U. S. Department of Conmierce et al, 1992). 
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Subsampling the 1-Percent PUMS Files 
For the 1-percent PUMS data, the number of 1-percent public use microdata samples 
for a given state was determined by the full census sample size for that state. During the 
sample selection operation, consecutive two-digit subsample numbers from 00 to 99 were 
assigned to each sample case in 1-percent samples to allow for the designation of various 
sized subsamples. The nimiber 16 was randomly selected among the 100 possible codes 
(U. S. Department of Commerce et al., 1992). 
The original sample included 25,105 respondents. For this study, only respondents 
who are 16 to 65 years old are included in the sample. After deletion of the respondents who 
are under 15 years old or over 66 years, the sample contains 9,667 respondents. The estimate 
of correction for sample selection bias, which will be explained, is obtained from this sample. 
For discriminant and regression analyses, among 9,939 respondents, only those who worked 
at least one hour per week as on-site or home-based workers in 1989 are considered; this 
sample contains 7,272 respondents. 
Empirical Model and Hypotheses 
The empirical model for this study is illustrated in Figure 2. Such factors as sex, age, 
race, educational attainment, marital status, number of children, income earned by others in 
the family, and region are included in the empirical model because they have been regarded 
as the factors related to choice of occupation and location of work or to earnings as the 
Sex 
Age 
Race 
Educational attainment 
Choice of occupation and location of work 
- Managerial and professional specialty and home-based work 
- Technical, sales, and administrative support and home-based work 
- Service and home-based work 
- Farming, forestry, and fishing and home-based work 
- Precision production, craft, and repair and home-based work 
- Operators, fabricators, and laborers and home-based work 
- Managerial and professional specialty and on-site work 
- Technical, sales, and administrative support and on-site work 
- Service and on-site work 
- Farming, forestry, and Ashing and on-site work 
- Precision production, craft, and repair and on-site work 
- Operators, fabricators, and laborers and on-site work 
Marital status 
Number of children 
Housing tenure 
Housing structure 
Income earned by others 
in the family 
Figure 2. Empirical model 
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human capital aspects in the previous studies. Housing characteristics, such as housing 
tenure and structure, are also included in predicting the choice of occupation and location of 
work because choosing to work at home might be easier if the worker had a large amount of 
space (single family dwellings are larger than nonsingle family dwellings) and/or could make 
alterations or additions needed to accommodate home-based work. 
Figure 2 shows that: (a) sex, age, race, educational attainment, marital status, number 
of children, housing tenure, housing structure, and income earned by others in the family 
affect the choice of occupation and location of work, (b) sex, age, race, educational 
attainment, region, and the predicted probabilities of choosing a specific occupation/location 
combination affect hourly earnings of the worker. 
For this study, it is hypothesized that: (a) sex is a significant factor in choosing 
simultaneously occupation and location of work, (b) sex is a significant factor in determining 
hourly earnings, given the choice of occupation and location of work. 
Description of Variables 
The dependent and independent variables are defined in this section. Statistics for 
these variables also are presented. 
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Dependent Variables 
For this study, there are two dependent variables: (a) choice of occupation and 
location of work, and (b) hourly earnings. There were originally 500 specific occupational 
categories for the employed with one additional category for the experienced unemployed 
and three additional categories for the Armed Forces in the census data (U. S. Department of 
Commerce et al., 1992). For this study, the occupational classification is arranged into 6 
groups: (a) managerial and professional specialty, (b) technical, sales and administrative 
support, (c) service, (d) farming, forestry, and fishing, (e) precision production, craft, and 
repair, and (f) operators, fabricators, and laborers. This classification was developed firom the 
1980 Standard Occupational Classification (U. S. Department of Commerce et a!., 1992). 
For the location of work, the respondent was asked to report means of transportation 
to work. Transportation to work refers to the principal mode of travel or type of conveyance 
that the respondent usually used to get fi'om home to work. If a respondent answered the 
question as "worked at home," he/she was regarded as a home-based worker; otherwise, the 
respondent was categorized as an on-site worker. This criteria for the home-based work is 
relatively narrow in comparison with the other previous studies such as Horvath (1986), in 
that individuals who work fi-om their home such as sale representatives and independent 
contractors, and those who work at home as secondary to their work on-the-site (see, for 
example, Horvath, 1986) are excluded. Therefore, the number of home-based workers is 
considerably smaller than it would be if such individuals were included. 
The occupation and location of work are combined into 12 categories: (a) home-
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based workers who worked at managerial and professional specialty, (b) home-based workers 
who worked at technical, sales and administrative support, (c) home-based workers who 
worked at service, (d) home-based workers who worked at farming, forestry, and fishing, (e) 
home-based workers who worked at precision production, craft, and repair, (f) home-based 
workers who worked as operators, fabricators, and laborers, (g) on-site workers who worked 
at managerial and professional specialty, (h) on-site workers who worked at technical, sales 
and administrative support, (i) on-site workers who worked at service, (j) on-site workers 
who worked at farming, forestry, and fishing, (k) on-site workers who worked at precision 
production, craft, and repair, and (1) on-site workers who worked as operators, fabricators, 
and laborers. 
To calculate hourly earnings, the total earnings of a worker in 1989 is divided by the 
product of the number of weeks worked in 1989 and the nimiber of hours worked per week in 
1989. Earnings was defined as the algebraic sum of wage or salary income and net income 
fi-om farm and nonfarm self-employment. Earnings represent the amount of income received 
regularly before deductions for personal income taxes, Social Security, bond purchases, 
\mion dues, medicare deductions, etc. (U. S. Department of Commerce et al., 1992). 
Statistics of these variables for the total sample, and on-site and home-based workers 
are given in Tables 1,2, and 3, respectively. With regard to occupation, for the total sample, 
almost 60 percent is concentrated in the managerial and professional specialty, and technical, 
sales, and administrative support. The male sample is more concentrated in precision 
production, craft, and repair (21.7 percent) and operators, fabricators, and laborers (19.2 
Table 1. Statistics of dependent variables for the total sample (n = IXIT) 
Total Males Females 
Variables (n = 7,272) (n = 3,968) (n = 3,304) 
Occupation (percentages) 
Managerial and professional specialty 29.1 28.8 29.5 
Technical, sales, and administrative 
support 30.1 20.1 42.2 
Service 10.8 6.5 16.0 
Farming, forestry, and fishing 2.4 3.6 1.0 
Precision production, craft, and repair 12.9 21.7 2.3 
Operators, fabricators, and laborers 14.6 19.2 9.1 
Location of work (percentages) 
On-site work 96.7 97.3 95.9 
Home-based work 3.3 2.7 4.1 
Hourly earnings in 1989 (dollars) 
Mean 14.20 16.78 11.19 
Median 10.48 13.06 8.33 
Standard deviation 25.46 21.19 29.50 
Table 2. Statistics of dependent variables for the on-site Mrorkers (n = 7,029) and home-based workers (n = 243) 
Total Males Females 
On-site Home-based On-site Home-based On-site Home-based 
workers workers workers workers workers workers 
Variables (n = 7,029) (n = 243) (n = 3,859) (n=109) (n = 3,170) (n=134) 
Occupation (percentages) 
Managerial and professional 
specialty 29.1 28.8 28.6 37.6 29.8 21.6 
Technical, sales, and 
administrative support 30.4 23.0 20.3 13.8 42.6 30.6 
Service 10.5 19.3 6.6 1.8 15.2 33.6 
Farming, forestry, and fishing 1.8 19.8 2.8 33.0 0.7 9.0 
Precision production, craft, 
and repair 13.2 4.1 22.2 7.3 2.3 1.5 
Operators, fabricators, and laborers 14.9 4.9 19.5 6.4 9.3 3.7 
Hourly earnings in 1989 (dollars) 
Mean 14.22 13.78 16.71 19.43 11.18 9.17 
Median 10.58 7.16 13.13 10.00 8.44 4.84 
Standard deviation 24.93 37.66 19.62 52.21 29.89 17.88 
Table 3. Statistics for combination of occupation and location of work for the total sample (n = 7,272) 
Total Males Females 
Variables (n = 7,272) (n = 3,968) (n = 3,304) 
Occupation and location of work (percentages) 
Managerial and professional specialty and home-based workers 1.0 1.0 0.9 
Technical, sales, and administrative 
support and home-based workers 0.8 0.4 1.2 
Service and home-based workers 0.6 0.1 1.4 
Fanning, forestry, and fishing and home-based workers 0.7 0.9 0.4 
Precision production, craft, and repair and home-based workers 0.1 0.2 0.1 
Operators, fabricators, and laborers and home-based workers 0.2 0.2 0.2 
Managerial and professional specialty and on-site workers 28.2 27.8 28.6 
Technical, sales, and administrative 
support and on-site workers 29.4 19.8 40.9 
Service and on-site workers 10.1 6.5 14.6 
Farming, forestry, and fishing and on-site workers 1.8 2.7 6.7 
Precision production, craft, and repair and on-site workers 12.8 21.5 2.2 
Operators, fabricators, and laborers and on-site workers 14.4 19.0 9.0 
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percent) than the female sample (2.3 percent, and 9.1 percent, respectively). In contrast, the 
female sample is more concentrated in technical, sales, and administrative support (42.2 
percent) and service (16.0 percent) than the male sample (20.1 percent, and 6.5 percent, 
respectively). 
The occupational distributions for the total, male and female on-site workers are 
similar to those for the total sample. For home-based workers, however, the occupational 
distributions have different shapes. In comparison to the total sample and on-site workers, 
home-based workers are more likely to be concentrated in service, and farming, forestry, and 
fishing, and less concentrated in precision production, craft, and repair, and operators, 
fabricators, and laborers occupation that traditionally occur in factories. In addition, 
percentage of male home-based workers in managerial and professional specialty (37.6 
percent) is much greater than that of female home-based workers (21.6 percent), unlike the 
distribution of the total sample and on-site workers. There are large differences in both of the 
percentages of service and farming, forestry, and fishing between male and female home-
based workers: 1.8 percent for male home-based workers, and 33.6 percent for female home-
based workers for service, whereas 33.0 percent for male home-based workers, and 9.0 
percent for female home-based workers for farming, forestry, and fishing. 
Table 3 shows the statistics for the combination of occupation and location of work. 
Among the total sample, the percentage of on-site workers in technical, sales, and 
administrative support is greatest, and the percentage of home-based workers as precision 
production, craft and repair is least. For the male, the percentages of on-site workers in 
managerial and professional specialty, precision production, craft, and repair, and technical, 
sales, and administrative support are higher than other groups. On the other hand, for the 
female, the percentages of on-site workers in technical, sales, and administrative support, 
managerial and professional specialty, and service are higher than other groups. 
Regarding location of work, on-site workers comprise 96.7 percent of the total 
sample. The percentage of home-based workers is higher for the female sample (4.1 percent) 
than for the male sample (2.7 percent). The reason for the small number of home-based 
workers may be a result of the definition of home-based work for this study. As mentioned 
earlier, for this study, the distinction between home-based work and on-site work is based on 
the means of transportation to work. Consequently, this definition cannot capture some 
home-based workers who worked away fi-om home, such as the independent contractor. 
With regard to hourly earnings in 1989, the mean for the total sample is $14.20. For 
the male sample the mean is $16.78 and for the female sample, $11.19. For on-site workers, 
the mean of hourly earnings is $14.22. The mean of hourly earnings for male on-site workers 
is greater ($16.71) than that for female on-site workers ($11.18). The mean of hourly 
earnings for all home-based workers is $13.78. There is a great difference in the mean hourly 
earnings between male home-based workers and female home-based workers: for male 
home-based workers, the mean earnings is $19.43, and for females, $9.17. 
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Independent Variables 
In the equation predicting the first dependent variable, that is, the choice of 
occupation and location of work, the independent variables are sex, age, race, educational 
attainment, marital status, number of children, housing tenure, housing structure, income 
earned by others in the family, and the estimate of correction for sample selection bias. For 
the second dependent variable, hourly earnings, the independent variables are sex, age, race, 
educational attainment, region, the predicted probabilities of the choice of occupation and 
location of work obtained firom the discriminant analysis, and the estimate of correction for 
sample selection bias. Statistics of these variables for the total, on-site and home-based 
worker are summarized in Tables 4 and 5, respectively. 
Sex. Sex of the respondent was coded 1 for male and 0 for female. More than half 
of the total workers and on-site workers are male. In contrast, more than half of home-based 
workers are female. 
Age. The age classification was based on the age of the person in complete years as 
of April 1,1990. The age for the total sample ranges from 17 to 65 years. The age for the 
male sample ranges from 19 to 65 years, whereas the age for the female sample ranges from 
17 to 65 years. For the total sample, the mean age is 40.80, and the standard deviation is 
10.73. The mean ages for the male and female samples are 41.47, and 39.99, respectively. 
For the total and female on-site workers, age ranges from 17 to 65 years; for male on-
site workers, from 19 to 65 years. The mean ages for the total, male, and female on-site 
workers are 40.71,41.34, and 39.95, respectively. 
Table 4. Statistics of independent variables for the total sample (n = 7,272) 
Variables 
Total 
(n = 7,272) 
Males 
(n = 3,986) 
Females 
(n = 3,304) 
Sex (percentages) 
Male 
Female 
54.6 
45.4 
100.0 
100.0 
Age (years) 
Mean 
Median 
Standard deviation 
40.80 
40.00 
10.73 
41.47 
40.00 
10.83 
39.99 
39.00 
10.57 
Race (percentages) 
White 
Black 
Other race 
86.6 
7.4 
6.1 
87.9 
6.0 
6.1 
85.0 
9.0 
6.0 
Educational attainment (percentages) 
Less than high school/high school graduate 47.2 
Education beyond high school 52.8 
46.7 
53.3 
47.9 
52.1 
Table 4. (continued) 
Total 
Variables (n = 7,272) 
Marital status (percentages) 
Now married 89.2 
Widowed, divorced, separated, or 
never married 10.8 
Number of children (persons) 
Mean 1.13 
Median 1.00 
Standard deviation 1.25 
Housing tenure (percentages) 
Owner-occupied 77.1 
Renter-occupied 22.9 
Housing structure (percentages) 
Single family dwelling 80.2 
Others 19.8 
Males 
(n = 3,968) 
Females 
(n = 3,304) 
94.9 
5.1 
1.19 
1.00 
1.30 
78.0 
22.0 
81.0 
19.0 
84.0 
16.0 
1.05 
1.00 
1.18 
76.0 
24.0 
79.2 
20.8 
Table 4. (continued) 
Total Males Females 
Variables (n = 7,272) (n = 3,968) (n = 3,304) 
Income earned by others in the family (dollars) 
Mean 23,393.36 16,609.44 31,540.64 
Median 18,000.00 12,209.50 25,891.50 
Standard deviation 25,049.52 18,494.38 29,134.17 
Region (percentages) 
Residence outside an MSA 26.7 27.1 26.4 
Residence in an MSA 73.3 72.9 73.6 
Ul Os 
Table 5. Statistics of independent variables for the on-site workers (n = 7,029) and home-based workers (n = 243) 
Total Males Females 
Variables 
On-site 
workers 
(n = 7,029) 
Home-based 
workers 
(n = 243) 
On-site 
workers 
(n = 3,859) 
Home-based 
workers 
(n=109) 
On-site 
workers 
(n = 3,170) 
Home-based 
workers 
(n=134) 
Sex (percentages) 
Male 
Female 
54.9 
45.1 
44.9 
55.1 
100.0 100.0 
100.0 100.0 
Age (years) 
Mean 
Median 
Standard deviation 
40.71 
42.00 
10.73 
43.35 
42.00 
11.13 
41.34 
40.00 
10.79 
46.23 
46.00 
10.98 
39.95 
39.00 
10.56 
41.00 
40.00 
10.72 
Race (percentages) 
White 
Black 
Other race 
86.2 
7.6 
6.2 
96.7 
0.8 
2.5 
87.5 
6.2 
6.3 
100.0 84.6 
9.3 
6.1 
94.0 
1.5 
4.5 
Educational attainment (percentages) 
Less than high school/ 
high school graduate 47.5 
Education beyond 
high school 52.5 
40.3 
59.7 
46.9 
53.1 
40.4 
59.6 
48.2 
51.8 
40.3 
59.7 
Table 5. (continued) 
Total Males Females 
Variables 
On-site 
workers 
(n = 7,029) 
Home-based 
workers 
(n = 243) 
On-site 
workers 
(n = 3,859) 
Home-based 
workers 
(n=109) 
On-site 
workers 
(n = 3,170) 
Home-based 
workers 
(n=134) 
Marital status (percentages) 
Now married 89.9 
Widowed, divorced, separated, 
or never married 10.1 
92.2 
7.8 
95.0 
0.5 
90.8 
9.2 
83.6 
16.4 
93.3 
6.7 
Niunber of children (persons) 
Mean 1.12 
Median 1.00 
Standard deviation 1.24 
1.31 
1.00 
1.50 
1.20 
1.00 
1.29 
1.06 
1.00 
1.42 
1.03 
1.00 
1.15 
1.52 
1.00 
1.53 
Housing tenure (percentages) 
Owner-occupied 76.9 
Renter-occupied 23.1 
Housing structure (percentages) 
Single family dwelling 79.8 
Others 20.2 
82.3 
7.7 
89.3 
10.7 
78.0 
22.0 
80.7 
19.3 
78.9 
21.1 
89.0 
11.0 
75.6 
24.4 
78.7 
21.3 
85.1 
14.9 
89.6 
10.4 
Tables, (continued) 
Total Males Females 
On-site Home-based On-site Home-based On-site Home-based 
workers workers workers workers workers workers 
Variables (n = 7,029) (n = 243) (n = 3,859) (n=109) (n-3,170) (n=134) 
Income earned by others in the family (dollars) 
Mean 23,143.35 30,625.41 16,468.28 21,608.32 31,269.28 37,960.19 
Median 18,000.00 23,600.00 12,134.00 13,224.00 25,644.50 30,931.50 
Standard deviation 24,735.87 31,869.51 18,180.14 27,036.38 28,901.50 33,669.69 
Region (percentages) 
Residence outside an MSA 26.4 37.9 26.6 42.2 26.0 34.3 
Residence in an MSA 73.6 62.1 73.4 57.8 74.0 65.7 
For the total, and female home-based workers, the age ranges from 18 to 65 years, 
whereas the range for male home-based workers is from 22 to 64 years. The mean age for all 
home-based workers is 43.35. The mean age for male home-based workers is 46.23, and for 
female home-based workers, the mean age is 41.00. 
Race. The concept of race does not denote any clear-cut scientific definition of 
biological stock. Rather, it reflects self-identification (U. S. Department of Commerce et al., 
1992). For this study, race is classified into three categories: white, black, and other race. 
"White" includes persons who indicated their race as white or reported entries such as 
Canadian, German, Italian, Lebanese, Near Easterner, Arab, or Polish. "Black" includes 
persons who indicated their race as black or Negro, or reported entries such as African 
American, Afro-American, Black Puerto Rican, Jamaican, Nigerian, West Indian, or Haitian. 
"Other race" includes all other persons not included in the "white," and "black" categories 
described above. 
For the total, male and female samples, more than 85 percent is white; almost 8 
percent is black, nearly 6 percent is other race. Among on-site workers, the percentage of 
black among female workers is higher (9.3 percent) than that for male workers (6.2 percent). 
On the other hand, all male home-based workers are white, whereas for female home-based 
workers, 94.0 percent is white, 1.5 is percent black, and 4.5 percent is other race. 
Educational attainment. Respondents were asked to report the highest level of 
school completed or the highest degree received. For this study, the educational attainment 
was recoded into two categories: (a) less than high school graduate/high school graduate, and 
(b) education beyond high school. 
The distributions of educational attainment for the total sample and for on-site 
workers are almost the same; almost 47 percent has a high school education or less, and 
almost 53 percent has more than high school. For all home-based workers, the percentage of 
high school graduate or less (40.3 percent) is less than those of the total sample and total on-
site worker. 
When comparing male and female workers in the total sample, and among on-site 
workers, the percentage having more than high school is higher for males than for females. 
However, for home-based workers, the percentage having more than high school education is 
almost the same for male and female workers (59.6 percent, and 59.9 percent, respectively). 
Marital status. Respondents were asked whether they were "now married," 
"widowed," "divorced," "separated," or "never married." Couples who live together (e.g., 
unmarried persons, persons in common-law marriages) were permitted to report the marital 
status they considered the most appropriate. "Now married" includes persons whose current 
marriage had not ended through widowhood, divorce, or separation. "Separated" includes 
persons legally separated or otherwise absent from their spouse due to marital discord. 
"Widowed" includes widows and widowers who had not remarried. "Divorced" includes 
persons who were legally divorced and who had not remarried. And "never married" 
includes all persons who had never been married, including persons whose only marriage was 
annulled (U. S. Department of Commerce et al., 1992). For this study, five categories of 
marital status were recoded into "married" or "not married." The category of "not married" 
includes persons who were widowed, divorced, separated, and never married. 
For the total sample and for on-site workers, nearly 90 percent is persons who are 
married. The percentage of male workers who are married is higher (nearly 95 percent) than 
for female workers (nearly 84 percent). For all home-based workers, the percentage of 
married is higher (92.2 percent) than that for the total sample (89.2 percent) and on-site 
workers (89.9 percent). The percentage of persons married for female home-based workers is 
higher (93.3 percent) than that for male home-based workers (90.8 percent). 
Number of children. Children include sons or daughters by birth, a stepchild, or an 
adopted child of the householder, regardless of the child's age or marital status (U. S. 
Department of Commerce et al., 1992). For the total sample, on-site workers and home-
based workers, the means of the number of children are 1.13,1.12, and 1.31, respectively. 
For both the total sample and on-site workers, the means of the number of children are higher 
for males than for females. However, for the home-based workers, females have a greater 
mean number of children (1.52) than do males (1.06). 
Housing tenure. All occupied housing units are classified as either owner-occupied 
or renter-occupied. A housing unit is owner-occupied if the owner or co-owner lived in the 
unit regardless of the status of mortgage. All occupied housing units that were not owner-
occupied, whether they were rented for cash rent or occupied without payment of cash rent, 
are regarded as renter-occupied (U. S. Department of Commerce et al., 1992). 
Almost 77 percent of the total sample and on-site workers lives in ovmer-occupied 
housing. On the other hand, for home-based workers, 82.3 percent lives in owner-occupied 
housing. The percentage of owner-occupied housing is higher (85.1 percent) for female 
home-based workers that for any other group. 
Housing structure. Housing structure refers to whether the respondent lives in a 
single family dwelling, or some other structure type such as an apartment or mobile home (U. 
S. Department of Commerce et al., 1992). For this study, housing structure is recoded into 
two categories; (a) single family dwelling, and (b) others. 
For the total sample and for on-site workers, nearly 80 percent lives in a single family 
dwelling. For home-based workers, the percentage living in a single family dwelling is much 
higher (almost 89 percent) than that of the total sample and on-site workers. 
Income earned by others in the family. Family income is the sum of the earnings of 
family members. To get income earned by others in the family for this study, the 
respondent's earnings are subtracted from the family income. The mean of income earned by 
others in the family for the total sample is $23,393.36. For males, the mean is $16,609.44 
and for females, $31,540.64. For on-site workers, the mean income earned by others in the 
family is $23,143.35. The mean of income earned by others in the family for female on-site 
workers is greater ($31,269.28) than that for male on-site workers ($16,468.28). The mean of 
income earned by others in the family for home-based workers is $30,625.41. For male 
home-based workers, the mean of income earned by others in the family is $21,608.32, and 
for female home-based workers, $37,960.19. 
Region. The respondent was asked to report whether he/she lived in a metropolitan 
area. For the total sample and for on-site workers, the percentages living in an MSA are 
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much higher (73.3 percent, and 73.6 percent, respectively) than that of home-based workers 
(62.1 percent). The percentage of male home-based workers living in an MSA is much lower 
(57.8 percent) than for any other group. 
Sample Selection Bias 
In recent years, sociologists, economists, and psychologists have been concerned with 
the empirical problems that arise when the data that are used to test a model are not 
completely random in nature (Heckman, 1974). To address these problems, in this section, 
sample selection bias is considered. Then, a way to correct sample selection bias is 
described. Finally, how the correction for selection bias is applied to this study is explained. 
The Problem of Sample Selection Bias 
One example of sample selection bias is the estimation of market wage rates for 
married women. If the researcher is concerned only with a woman who is employed outside 
of the home, observations are not available of the wage rate that a women who is a full-time 
homemaker could generate in the labor market. Sample selection bias is caused by deletion 
of these missing observations because the factors that determine a woman's labor supply are, 
for the most part, the same factors that affect the market wage she commands (Zick, 1985). 
If the researcher uses ordinary least squares (OLS) to estimate a regression model 
where large values of the dependent variable are underrepresented in a sample, the estimates 
of slope coefficients may be biased (Winship & Mare, 1992). The explanation of this 
situation is well illustrated by Berk (1983), and the following description is drawn from his 
work. 
Figure 3 is a scatter plot for the general linear model. X is an exogenous variable, and 
Y is an endogenous variable. It is assumed that the data are a simple random sample from 
some population of interest, that in this population the linear form is correct, and that for each 
value of X, the mean of the disturbances is zero. In Figure 3, the regression line passes 
through the expected value of Y for each value of X, and the line is labeled "before." 
If the researcher cannot obtain observations with values of Y equal to or less than Y7, 
then observations in the shaded area are missing. In Figure 3, for low values of X the new 
expected values are represented by circles. Under the situation that some observations are 
imavailable, for all observations with X equal to XI, the expected value of Y has shifted from 
Y4 to Y8. For all observations with X equal to X2, the expected value of Y has shifted from 
Y7 to Y9.5. That is, as X increases, the magnitude of the shift is decreased until by X4, the 
new and old expected values are virtually identical. 
As shown in Figure 3, for the new expected values for Y, the original regression line 
does not fit the data any more. There is no linear relationship between X and Y. Rather, as 
X increases, the slope becomes steeper up to X4. Consequently, a straight line might produce 
a specification error. The regression line labeled "after' shows that the estimated relationship 
has been attenuated. That is, the regression line estimated from the scatter plot will 
underestimate the slope of the population regression line. The most serious problem of the 
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Figure 3. The problem of sample selection bias 
Note. From "An Introduction to Sample Selection Bias in Sociological Data," by R. A. Berk, 
1983, American Sociological Review. 4R. p. 387. 
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sample selection bias is to threaten external validity of research: it is impossible to generalize 
the results under the situation that the restricted sample is used. 
A Way to Correct Sample Selection Bias 
Statistical techniques have been developed by econometricians to correct for possible 
sample selection bias. An individual often associated with a correction for sample selection 
bias is Heckman (1979). According to Heckman (1979), 
...It is sometimes possible to estimate the variables which when omitted from a 
regression analysis give rise to the specification error. The estimated values of the 
omitted variables can be used as regressors so that it is possible to estimate the 
behavioral functions of interest by simple methods (p. 153). 
The Heckman estimator involves (a) obtaining a numerical estimate of the bias, and 
(b) including the estimate of the bias as a control in the equation that represents the 
relationship between the endogenous variable and the exogenous variables. 
The explanation of the procedures used in this study to estimate the value of the 
missing variable draws heavily on Heckman's (1979) work in this section. The procedure 
begins with a two-equation model: 
YH = X,iP,+UH, i = l ,...,N 
Y2i = X2iP2 + U2i, i=l,...,N 
where, 
Yii = the endogenous variable of interest.  
Xj j = a vector of exogenous variables that are posited to affect Y| j. 
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Y2i = an endogenous variable that operates as the selection criterion for observation of Yn. 
Xxt = a vector of exogenous variables that are posited to affect the selection criterion. 
Pi and p2 = vectors of parameters. 
Uii and U2i = vectors of residuals.  
Furthermore, the error of these equations is assumed as follow: 
E(Uji) = 0 
E(Uji Uji") = Oj-j", i' = i" 
= 0, 
Given these assumptions, the regression function for the population is 
E(Y,i |Xn) = XHP, i=l, . . . ,N 
However, for the subsample of available data, the equation becomes 
E(Yii I Xji ,  sample selection rule) = Xupi + E(U,i | sample selection rule) i = 1,..., I 
where, 
I = N - the observations lost to sample selection bias. 
Suppose that data are available on Yu if Y2i > 0, but there are no observations on Yn if Y2i < 
0. Because the distribution of Yij is truncated, the E(Uii) is not equal to zero any more. With 
the presence of sample selection bias, 
E(Uii I Xii, sample selectionirule) 
= E(UulXH,Y2i>0) 
= E(UnlX,i,U2i>-X2iP2). 
And, 
69 
E(Yii I Xii, sample selection rule) 
= E(Y„|X,i,Y2i>0) 
~ ^ liPl + E(Uii I U2i > -X2jp2)-
The selected sample regression function depends on Xn and X2i. If it is assumed that g (Un, 
U2i) is a bivariate normal density, 
CTi2 
E(UH|U2i>-X2iP2)= Xi, 
(<^22)'" 
022 
E(U2i I U2i > -X2iP2) = 
(CT22)'" 
where 
(t>(Zi) HZi) 
v= = 
l-(D(Zi) <D(-Zi) 
where (j) and <E) represent the density function and the distribution function for a standard 
normal variable, respectively, and 
X2iP2 
Zi = — 
( \ l /2 (^22) 
Lambda (A,;) is the inverse of the Mill's Ratio, or a hazard rate, representing the probability 
that an observation is excluded from the sample of interest conditional on the larger, 
uncensored sample at risk (Tuma, 1982). 
70 
Application of a Correction for Sample Selection Bias 
In the sample used for the discriminant and regression analyses in this study, sample 
selection bias is present because data on occupation, location of work, and hourly earnings 
are available only for those persons who worked outside the home or at home. Heckman's 
estimation method is applied to correct the problem of sample selection bias for this study. 
The following procedure is used to conduct his method to estimate the values of the omitted 
variables. A dichotomous variable, Y, is defined as: 
1 if a person worked in the labor force or at home 
0 otherwise. 
A person classified as a worker if he/she worked at least one hour in 1989. 
For the OLS estimates to be unbiased, the expected value of the residual should be 
zero. However, when the dependent variable is dichotomous, the residual will be correlated 
with the independent variables in the model. In this case, the expected value of the residual 
is not equal to zero, and the OLS estimates are biased (Maddala, 1983). Therefore, probit 
analysis has been used as an estimation method (Heckman, 1979; Maddala, 1983). 
The variables considered to affect the decision about employment are sex, age, race, 
educational attainment, number of children, and the natural log of income earned by others in 
the family (The result of probit analysis is shown in the Appendix B.). From the probit 
analysis, the probability that a person would be working for pay is calculated. Then, the 
probability density function that pertained to the portion of the sample selected or not 
selected according to a given criterion is attained. The selection criterion demarcates the 
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point at which truncation occurs. The area above the point of demarcation is the probability 
of being in the one group, for example, the probability of a person in the sample not being 
employed. The area below the point of demarcation is the probability of being in the other 
group, for example, the probability of a person in the sample being employed (Sharpe, 1986). 
On the basis of the probability that a person is in the labor force or not, and the density of the 
probability, A,;, the estimate of correction for sample selection bias, is calculated. Then, X-j, is 
used in the discriminant and regression analyses with other variables in the analyses of the 
selected subsample. 
Methods of Data Analysis 
The data are analyzed using the Statistical Analysis System (SAS). As a part of the 
preliminary analysis of the data, frequency distributions of all the variables in this study were 
computed. Pearson product-moment correlations among pairs of variables were calculated 
(see the Appendix). Discriminant analysis was used to examine factors affecting the choice 
of occupation and location of work and to obtain the predicted probabilities of choosing any 
of the occupation and location of work categories. Finally, linear regression analysis was 
used to estimate hourly earnings. 
Discriminant analysis is "a statistical technique which [sic] allows the researcher to 
study the differences between two or more groups of objects (subjects) with respect to several 
variables simultaneously" (Klecka, 1980, p. 7). Discriminant analysis allows comparisons 
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across categories in classifying objects into one of two or more mutually exclusive and 
exhaustive categories or classes (Morrison, 1974). This statistical technique assesses whether 
a set of variables discriminates between groups, how well the variables discriminate, and 
which variables combine to provide the best discrimination (Cliff, 1987). For this study, the 
research strategy is to categorize the dependent variable and use the 10 discriminating 
variables, with the estimate of correction for selection bias in discriminant analysis, to predict 
probabilities of the reported occupation and location of work. 
As one discriminating variable for discriminant analysis, income earned by others in 
the family is transformed using the natural log to reduce the skewness of its distribution. For 
discriminant and regression analyses, categorical variables are recoded using dummy 
schemes. That is, sex is recoded into "male," and "female," and "female" is the omitted 
category. For race, "white" and "black" are included in the analyses, and "other race" is 
deleted. Marital status is recoded into "married," and "not married," and "not married" is 
omitted. Educational attainment is recoded into two categories; (a) less than high school 
graduate/high school graduate, and (b) education beyond high school. For these analyses, the 
former is the omitted category. For housing tenure, "renter-occupied housing" is omitted, 
and for housing structure, "other" is deleted. Region is recoded into "residence in an MSA," 
and "residence outside an MSA"; the latter is deleted from the analysis. 
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CHAPTERS. FINDINGS 
The results of the analyses are reported in this chapter. In both the discriminant and 
regression analyses, all of the independent variables discussed are statistically significant at 
or below the .05 level. 
Findings of Discriminant Analysis 
For the discriminant analysis, male (sex), age, white, black, married (marital status), 
number of children, owner-occupied housing(housing tenure), single family dwelling 
(housing structure), the natural log of income earned by others in the family, and the estimate 
of correction for selection bias are considered as the discriminating variables. The 
discriminant analysis develops "a classification criterion using a measure of generalized 
squared distance assuming that each class has a multivariate normal distribution" (SAS 
User's Guide: Statistics, 1985, p. 318). Each case is placed in the class from which it has the 
smallest generalized squared distance. 
Table 6 shows the means of the predicted probabilities for 12 categories of the choice 
of occupation and location of work. The 12 predicted probabilities represent the following 
probability of choosing occupation and location of work. 
- probability 1: managerial and professional specialty, and home-based work 
- probability 2; technical, sales, and administrative support, and home-based work 
Table 6. The means of the predicted probability of choosing occupation and location of work (n = 7,272) 
Variables Mean Standard deviation Minimum Maximum 
Probability 1 .0097 .0095 .00012 .11009 
Probability 2 .0077 .0072 .00005 .03562 
Probability 3 .0064 .0092 .00005 .10892 
Probability 4 .0064 .0088 .00006 .31549 
Probability 5 .0014 .0015 8.5859E-6 .01973 
Probability 6 .0016 .0016 .00006 .02896 
Probability 7 .2882 .1929 .01127 .60348 
Probability 8 .2878 .1258 .02407 .54458 
Probability 9 .1004 .0914 .02329 .62849 
Probability 10 .0179 .0150 .00160 .11678 
Probability 11 .1274 .1157 .00660 .48778 
Probability 12 .1451 .1268 .01098 .57272 
Probability 1: Managerial and professional specialty and home-based work/Probability 2: Technical, sales, and administrative 
support and home-based work/Probability 3: Service and home-based work/Probability 4: Farming, forestry, and fishing, and 
home-based work/Probability 5: Precision production, craft, and repair and home-based work/Probability 6: Operators, 
fabricators, and laborers, and home-based work/Probability 7: Managerial and professional specialty and on-site 
work/Probability 8: Technical, sales, and administrative support and on-site work/Probability 9: Service and on-site 
work/Probability 10: Farming, forestry, and fishing, and on-site work/Probability 11: Precision production, craft, and repair 
and on-site work/Probability 12: Operators, fabricators, and laborers, and on-site work 
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- probability 3: service, and home-based work 
- probability 4: farming, forestry, and fishing, and home-based work 
- probability 5; precision production, craft, and repair, and home-based work 
- probability 6: operators, fabricators, and laborers, and home-based work 
- probability 7: managerial and professional specialty, and on-site work 
- probability 8: technical, sales, and administrative support, and on-site work 
- probability 9: service, and on-site work 
- probability 10: farming, forestry, and fishing, and on-site work 
- probability 11: precision production, craft, and repair, and on-site work 
- probability 12: operators, fabricators, and laborers, and on-site work 
As shown in Table 6, the mean of the predicted probability of choosing precision 
production, craft, and repair, and home-based work is the lowest, whereas the mean of the 
predicted probability of choosing managerial, sales, and administrative support, and on-site 
work is the highest. Overall, the predicted probabilities of choosing on-site work are higher 
than those of choosing home-based work. 
A second result of the discriminant analysis, demonstrating which variables are 
significant in distinguishing eimong the groups, is given in Table 7. In the table, the F 
statistics are regarded as a transformation of Wilks' lambda. Wilks' lambda is "a 
multivariate measure of group differences over several variables" (Klecka, 1980, p. 44). 
Values of lambda near zero mean high discrimination, and values of lambda near one mean 
low discrimination. Because Wilks' lambda is an inverse statistic, when F statistics are used 
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Table 7. The results of F statistics in the discriminant analysis (n = 7,272). 
Variables F Pr > F 
Male 126.0190 .0001 
Age 5.6514 .0001 
White 14.6075 .0001 
Black 13.0679 .0001 
Married 4.7561 .0001 
Education beyond high school 177.2634 .0001 
Number of children 5.6917 .0001 
Owner-occupied housing 12.3122 .0001 
Single family dwelling 21.9389 .0001 
Natural log of income earned by 
others in the family 26.4084 .0001 
Estimate of correction for selection bias .8082 .6320 
Degrees of freedom 11 
Average .0480 
instead of Wilks' lambda, the largest values of F statistics represent high discrimination. 
Therefore, as shown in the table, education beyond high school is the most powerful variable 
in discriminating 12 categories of choice of occupation and location of work because it has 
the highest F statistic (F = 177.26). The second-most important discriminator is sex (F = 
126.02). The other eight variables, although significant, are much less powerfiil than 
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education and sex, according to the magnitude of the values of F statistics. In particular, 
marital status denotes the least discrimination, as the value of the F statistic is 4.76. The 
estimate of correction for selection bias does not significantly affect the discrimination 
among the categories. 
Findings of Regression Analysis 
To estimate hourly earnings, seven regression equations are analyzed. The first 
equation is applied to the entire sample regardless of the occupation. The other six equations 
are for each of the six categories of occupation to assess the effect of the location of work on 
hourly earnings. 
Findings of Regression Analysis for All Samples 
The results of regression analysis of hourly earnings on productivity-related 
characteristics and the predicted probabilities of choosing occupation and location of work 
are shown in Table 8. The howly earnings equation is estimated using the more appropriate 
dependent variable, the natural log of earnings, because the original hourly earnings are 
skewed. For the regression analysis, the eleven predicted probabilities are entered with other 
independent variables such as male, age, white, black, married, education beyond high 
school, residence in an MSA, and the estimate of correction for selection bias; the predicted 
probability for choosing the managerial and professional specialty and home-based work is 
Table 8. Regression analysis of earnings on productivity-related characteristics and the predicted probabilities (n = 7,272) 
Variables B Beta t-value Sig. t 
Male -.0461 -.0306 -.518 .6043 
Age .0061 .0868 4.533 .0001 
White .0071 .0033 .173 .8624 
Black .0121 .0042 .207 .8360 
Education beyond high school -.3731 -.2486 -3.326 .0009 
Residence in an MSA .2765 .1634 15.493 .0001 
Probability of choosing technical, sales, and 
administrative support, and home-based work -8.3517 -.0807 -2.350 .0018 
Probability of choosing service, 
and home-based work 2.2617 .0279 1.071 .2842 
Probability of choosing farming, forestry, and 
fishing, and home-based work 5.9804 .0702 2.769 .0056 
Probability of choosing precision production. 
craft, and repair, and home-based work -3.9181 -.0078 -.412 .6806 
Probability of choosing operators, fabricators. 
and laborers, and home-based work 13.3419 .0278 1.239 .2154 
Probability of choosing managerial and 
professional specialty, and on-site work 6.9387 1.7865 4.691 .0001 
Probability of choosing technical, sales, and 
administrative support, and on-site work 3.9470 .6630 2.802 .0051 
Probability of choosing service. 
and on-site work 3.7625 .4592 2.552 .0107 
Table 8. (continued) 
Variables B 
Probability of choosing farming, forestry, and 
fishing, and on-site work .7286 
Probability of choosing precision production, 
craft, and repair, and on-site work 5.9089 
Probability of choosing operators, fabricators, 
and laborers, and on-site work 4.1687 
Estimate of correction for selection bias .0257 
Constant 
Adjusted 
Degrees of freedom 
F-ratio 
P 
Beta t-value Sig. t 
.0146 .359 .7198 
.9124 4.220 .0001 
.7055 2.874 .0041 
.0149 1.117 .2642 
-2.8190 
.2185 
.2166 
18, 7,253 
112.672 
.0001 
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omitted as the reference group. 
As shown in Table 8, the statistically significant variables are age, education beyond 
high school, residence in an MSA, probability of choosing technical, sales, and 
administrative support, and home-based work, probability of choosing farming, forestry, and 
fishing, and home-based work, probability of choosing managerial and professional specialty, 
and on-site work, probability of choosing technical, sales, and administrative support, and 
on-site work, probability of choosing service and on-site work, probability of choosing 
precision production, craft, and repair, and on-site work, and probability of choosing 
operators, fabricators, and laborers, and on-site work. These results imply that the worker 
who is older, less educated, and lives in an MSA is more likely to make higher hourly 
earnings than the worker who is younger, more educated, and lives outside an MSA. In 
addition, if a person works at home for technical, sales, and administrative support, he/she 
earns less money than a person who working in a managerial and professional specialty as a 
home-based worker. However, if the person is a home-based worker engaged in farming, 
forestry, and fishing, or an on-site worker with a managerial and professional specialty, in 
technical, sales, and administrative support, in service, in precision production, craft, and 
repair, or is an operator, fabricator, or laborer, he/she is more likely to have higher hourly 
earnings than the home-based worker for the managerial and professional specialty. 
The interesting finding from the regression analysis is that sex is not a significant 
factor in explaining hourly earnings, when the specific occupation-location probabilities are 
included. That is, although sex is an important factor in predicting the choice of occupation 
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and location of work, sex itself is not significant in predicting hourly earnings after choosing 
occupation and location. 
In addition, the effect of education on hourly earnings is found to be opposite to 
results from previous studies. According to previous studies, and the human capital model, 
as a person is more educated, he/she makes more in earnings. However, in this study, as a 
person is more educated, he/she is more likely to make less money. The explanation for this 
finding is that the predicted probability of choosing a specific occupation and location of 
work for which education was the strongest predictor absorbs the large amount of positive 
variance between the educational attainment and hourly earnings. As a result, the remaining 
variance between the educational attainment and hourly earnings is negative. This finding 
reinforces the power of the occupation-location categories in predicting earnings. 
Findings of Regression Analysis for Managerial and Professional Specialty 
To examine the effect of location of work, six separate regression analyses are 
conducted according to occupation categories. Table 9 shows results of the regression 
analysis for managerial and professional specialty. The independent variables are male, age, 
white, black, education beyond high school, residence in an MSA, probability of choosing 
managerial and professional specialty and home-based work, and the estimate of correction 
for selection bias. 
In the regression analysis, being male, age, education beyond high school, residence 
in an MSA, probability of choosing managerial and professional specialty, and home-based 
Table 9. Regression analysis of earnings on productivity-related characteristics and the predicted probabilities for managerial 
and professional specialty (n = 2,118) 
Variables B 
Male .4492 
Age .0153 
White .0098 
Black -.1234 
Education beyond high school .5395 
Residence in an MSA .2911 
Probability of choosing managerial, professional 
specialty, and home-based work -9.3393 
Estimate of correction for selection bias .0749 
Constant 
R^ 
Adjusted R^ 
Degrees of freedom 
F-ratio 
P 
Beta t-value Sig. t 
.3102 15.341 .0001 
.2100 9.375 .0001 
.0041 .149 .8814 
-.0378 -1.392 .1641 
.2764 12.399 .0001 
.1635 8.427 .0001 
-.1347 -4.829 .0001 
.0454 2.124 .0338 
1.1190 
.2170 
.2141 
8, 2,109 
73.081 
.0001 
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work, and the estimate of correction for selection bias are significant in explaining hourly 
earnings. Male managerial and professional workers are more likely than females to make 
higher hourly earnings. In addition, if the worker is older, more educated, and lives in an 
MSA, he/she is more likely to earn more money than the worker who is younger, and less 
educated, and lives outside an MSA. A home-based worker makes less money than an on-
site worker. 
It should be noted that the estimate of correction for selection bias is significant for 
the managerial and professional specialty. The interpretation is that, individual not working 
for pay would earn significantly less than professional and managerial workers. 
Findings of Regression Analysis for Technical. Sales, and Administrative Support 
The results of regression analysis for technical, sales, and administrative support is 
given in Table 10. The independent variables are male, age, white, black, education beyond 
high school, residence in an MSA, probability of choosing technical, sales, and 
administrative support and home-based work, and the estimate of correction for selection 
bias. 
The results show that male, age, white, education beyond high school, and residence 
in an MSA are significant. The worker who is male, older, white, more educated, and lives in 
an MSA is more likely to make higher hourly earnings than the worker who is female, 
younger, of other race, less educated, and living outside an MSA. Being a home-based 
worker does not affect hourly earnings for technical, sales, and administrative support. 
Table 10. Regression analysis of earnings on productivity-related characteristics and the predicted probabilities for technical, 
sales, and administrative support (n = 2,192) 
Variables B Beta t-value Sig.t  
Male .3339 .2287 6.727 .0001 
Age .0065 .1013 4.391 .0010 
White .1444 .0645 2.209 .0273 
Black -.0976 -.0322 -1.174 .2404 
Education beyond high school .2975 .2107 6.841 .0001 
Residence in an MSA .2575 .1530 7.737 .0001 
Probability of choosing technical, sales, and 
administrative support, and home-based work -7.2573 -.0781 -1.890 .0589 
Estimate of correction for selection bias .0007 .0005 .023 .9820 
Constant 1.4574 
R^ .1650 
Adjusted .1619 
Degrees of freedom 8, 2,183 
F-ratio 53.922 
p .0001 
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Findings of Regression Analysis for Service 
Table 11 shows the results of regression analysis for the service. As is other previous 
regressions, male, age, white, black, education beyond high school, residence in MSA, and 
the estimate of correction for selection bias are included as the independent variables, with 
the probability of choosing service occupation and home-based work. 
The significant variables for hourly earnings of service workers are male, age, black, 
education beyond high school, and residence in an MSA. That is, if the worker is male, 
older, and more educated, and lives in an MSA, he is likely to make higher hourly earnings 
than a worker who is female, yoimger, and less educated, and who lives outside an MSA. 
However, if the worker is black, he/she earns less money than other races. Being a home-
based worker does not affect hourly earnings for the service occupation. 
Findings of Regression Analysis for Farming. Forestrv. and Fishing 
For farming, forestry, and fishing, the results of regression analysis of hourly eamings 
is given in Table 12. For the regression equation, the probability of choosing farming, 
forestry, and fishing and home-based work is included along vdth male, age, white, black, 
education beyond high school, residence in an MSA, and the estimate of correction for 
selection bias. 
For farming, forestry, and fishing, only male and residence in an MSA are significant 
variables affecting the hourly eamings. If the worker is male and lives in an MSA, he is 
more likely to make higher hourly eamings than the worker who is female and lives outside 
Table 11. Regression analysis of earnings on productivity-related characteristics and the predicted probabilities for service (n 
= 785) 
Variables B Beta t-value Sig. t 
Male .3771 .2329 5.888 .0001 
Age .0074 .1087 3.128 .0018 
White -.1072 .0595 -1.117 .2641 
Black -.2825 -.1332 -2.517 .0120 
Education beyond high school .1964 .1210 3.512 .0005 
Residence in an MSA .2238 .1349 3.962 .0001 
Probability of choosing service, and 
home-based work -5.0594 -.0791 -1.892 .0588 
Estimate of correction for selection bias -.0215 -.0124 -.373 .7093 
Constant 1.4202 
R^ .1436 
Adjusted .1358 
Degrees of freedom 8, 776 
F-ratio 16.267 
p .0001 
Table 12. Regression analysis of earnings on productivity-related characteristics and the predicted probabilities for farming, 
forestry, and fishing (n = 185) 
Variables B 
Male .4873 
Age .0003 
White .1207 
Black -.3436 
Education beyond high school .1117 
Residence in an MSA .3440 
Probability of choosing farming, forestry, and 
fishing, and home-based work -6.3962 
Estimate of correction for selection bias -.0471 
Constant 
R^ 
Adjusted R^ 
Degrees of freedom 
F-ratio 
P 
Beta t-value Sig. t 
.2043 2.695 .0077 
.0042 .051 .9597 
.0424 .444 .6578 
-.0826 -.871 .3847 
.0582 .759 .4487 
.1792 2.408 .0171 
-.0876 -.987 .3251 
-.0226 -.304 .7614 
1.2869 
.0879 
.0447 
8, 169 
2.036 
.0450 
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an MSA. The probability of being a home-based worker in farming, forestry, and fishing is 
not a significant factor affecting hourly earnings. 
Findings of Regression Analysis for Precision Production. Craft, and Repair 
Table 13 shows the results of regression analysis for precision production, craft, and 
repair. The independent variables are male, age, white, black, education beyond high school, 
residence in an MSA, probability of choosing precision production, craft, and repair, and 
home-based work, and the estimate of correction for selection bias. 
Male, age, education beyond high school, and residence in an MSA are significant 
variables influencing the hourly earnings. The worker who is male, older, and more 
educated, and lives in an MSA is more likely to make higher earnings than the worker who is 
female, younger, and less educated, and lives outside an MSA. Whether the worker is home-
based is not a significant variable affecting hourly earnings in the precision production, craft, 
and repair occupational category. 
Findings of Regression Analysis for Operators. Fabricators, and Laborers 
The results of regression analysis for operators, fabricators, and laborers are shovm in 
Table 14. Male, age, white, black, education beyond high school, residence in an MSA, the 
probability of choosing operators, fabricators, and laborers, and home-based work, and the 
estimate of correction for selection bias, are considered as the independent variables. 
Male, age, white, education beyond high school, and residence in an MSA are 
Table 13. Regression analysis of earnings on productivity-related characteristics and the predicted probabilities for precision 
production, craft, and repair (n = 938) 
Variables B Beta t-value Sig. t 
Male .2126 .0928 2.815 .0050 
Age .0084 .1470 3.872 .0001 
White .1276 .0678 1.510 .1313 
Black -.0024 -.0009 -.021 .9829 
Education beyond high school .1233 .0941 2.798 .0053 
Residence in an MSA .1652 .1233 3.840 .0001 
Probability of choosing precision production, 
craft, and repair, and home-based work -1.9443 -.0050 -.111 .9120 
Estimate of correction for selection bias .1030 .0699 1.877 .0698 
Constant 1.4992 
.0630 
Adjusted R^ .0549 
Degrees of fi'eedom 8, 929 
F-ratio 7.805 
p .0001 
Table 14. Regression analysis of earnings on productivity-related characteristics and the predicted probabilities for operators, 
fabricators, and laborers (n = 1,061) 
Variables B 
Male .4271 
Age .0079 
White .1882 
Black .1688 
Education beyond high school .1875 
Residence in an MSA . 1768 
Probability of choosing operators, fabricators, and 
laborers, and home-based work 13.4768 
Estimate of correction for selection bias -.0385 
Constant 
R^ 
Adjusted R^ 
Degrees of freedom 
F-ratio 
P 
Beta t-value Sig. t 
.2963 10.338 .0025 
.1347 4.707 .0001 
.1139 2.736 .0074 
.0817 1.874 .0676 
.1170 3.562 .0004 
.1303 4.526 .0001 
.0354 1.025 .3056 
-.0261 -.902 .3673 
1.3004 
.1586 
.1522 
8, 1,052 
24.784 
.0001 
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significant variables influencing hourly earnings for the operators, fabricators, and laborers. 
The worker who is male, older, white, educated beyond high school, and living in an MSA, is 
more likely to make higher hourly earnings than the younger female worker who is of other 
race, less educated, and lives outside an MSA. The probability of being a home-based 
worker is not a significant factor in predicting the hourly earnings for operators, fabricators, 
and laborers. 
Summary of Regression Analyses of Hourly Eamings 
The results of the six regression analyses of hourly eamings according to occupational 
categories are summarized in Table 15. In all six regression analyses, sex plays a significant 
role in hourly eamings: males are more likely to make highly eamings than females given the 
occupational category. Age is significant for five of six analyses: an older person eams more 
money than a younger person in the occupational categories of managerial, professional 
specialty; technical, sales, and administrative support; service; precision production, craft, 
and repair; and operators, fabricators, and laborers. In farming, forestry, and fishing, age 
does not affect hourly eamings. With regard to race, the effect of white and black is only 
found in technical, sales, and administrative support; service; and operators, fabricators, and 
laborers. In technical, sales, and administrative support, and operators, fabricators, and 
laborers, white individuals are more likely to make higher eamings than other races. On the 
other hand, in service occupations, blacks are more likely to eam less money than are 
workers of other races. Education is found to have a significant impact on hourly eamings in 
Table 15. Summary of six regression analyses of hourly earnings according to the occupational category 
Variables Professional Sales Service Farming High skill Low skill 
Male (+) (+) (+) (+) (+) (+) 
Age (+) (+) (+) n.s (+) (+) 
White n.s (+) n.s n.s n.s (+) 
Black n.s n.s (-) n.s n.s n.s 
Education beyond high school (+) (+) (+) n.s (+) (+) 
Residence in an MSA (+) (+) (+) (+) (+) (+) 
Probability of choosing managerial 
and professional specialty 
and home-based work (-) ~ ~ — — — 
Probability of choosing technical, sales. 
and administrative support and 
home-based work ~ n.s ~ — ~ 
Probability of choosing service and 
home-based work ~ ~ n.s ~ — 
Probability of choosing farming, forestry, 
and fishing and home-based work — — — n.s — — 
Probability of choosing precision 
production, craft, and repair and 
home-based work ~ ~ ~ — n.s — 
Probability of choosing operators. 
fabricators, and laborers and 
home-based work ~ ~ — — — n.s 
Estimate of correction for selection bias (+) n.s n.s n.s n.s n.s 
significant level: p < .05 
93 
five analyses. A person who is more educated earns more money than a person who is less 
educated for the categories of managerial, professional specialty; technic£il, sales, 
administrative support; service; precision production, craft, and repair; and operators, 
fabricators, and laborers. In farming, forestry, and fishing, educational attainment does not 
have an impact on hourly earnings. Residence in an MSA plays an important role in hourly 
earnings. For all occupational categories, a person who lives in an MSA is more likely to 
earn more money than is a person living outside an MSA. 
The probability of being a home-based worker is significant only in the managerial, 
professional specialty: being a home-based worker for managerial, and professional specialty 
means that the individual is likely to make lower earnings than an on-site worker. In the 
other five occupational categories, the probability of being a home-based worker is not an 
important factor affecting hourly earnings. The estimate of correction for selection bias has 
an influence on eamings only for the managerial, professional specialty. For the other five 
occupational categories, the estimate of correction for selection bias is not significant. 
From these findings, it can be said that within the occupational category, the most 
important factors affecting hourly eamings are sex, educational attainment, and region. 
Being a home-based worker is less likely to be significant in predicting hourly eamings, 
given the occupation. 
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CHAPTER 6. SUMMARY AND IMPLICATIONS 
This chapter summarizes the purpose of this study, the hypotheses, and the data used 
for this study. Then, it presents the major findings. Finally, conclusions and implications for 
further study are provided. 
Summary 
The purpose of the study was to examine the eamings differentials between men and 
women and to find factors explaining the differentials among home-based workers, focusing 
on the influence of sex on the simultaneous selection of occupation and location of work, and 
on the prediction of hourly eamings after controlling for occupation and location of work. 
The overall hypotheses examined were: (a) sex is a significant factor in choosing 
simultaneously occupation and location of work, and (b) sex is a signific£int factor in 
determining eamings, given the choice of occupation and location of work. 
The data firom Census of Population and Housing, 1990 [United States]: Public Use 
Microdata Sample; 1/10,000 Sample were used for this study. The Statistical Analysis 
System (SAS) was used to perform preliminary and final analyses. 
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Major Findings and Conclusions 
One of the major findings of this study is that sex is an important factor in choosing 
occupation and location of work. However, sex is not significant in the prediction of hourly 
earnings, after controlling for choice of occupation and location of work, when all 
occupations and locations are considered. Within separating analyses of hourly earnings 
according to occupational categories, sex is found to be a significant determinant of earnings 
in all six categories of occupation: men are more likely to earn money than women within the 
same occupation. In addition, in five of six occupational categories, it is found that being a 
home-based worker is not an important factor determining the hourly earnings. That is, 
within the same occupation, sex itself plays a significant role in the sex-earnings differentials 
among home-based workers, rather than type of location of work. These findings imply that 
sex discrimination of in pay structure still exists in the labor market. Among the 
discrimination models, for home-based workers, the consumer discrimination or the 
overcrowding model is more applicable than others because of the characteristics of the 
work. Consimiers may not want to be served by women in some situations, even when men 
and women are equally able. Or, because women face barriers to entry into certain 
occupations, they may become crowded into a small number of occupations without barriers. 
Under this situation, it is expected that the earnings of women may be less than men's. 
Another major finding is that there are still great differences in occupational 
distribution according to sex, as shown in many other previous studies (see, for example. 
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Blau & Ferber, 1992; Brown et al., 1980): female home-based workers are concentrated in 
technical, sales, and administrative support, and service, whereas male home-based workers 
are concentrated in managerial and professional specialty, and farming, forestry, and fishing. 
As one reason of these differences in the occupational structure between men and women, the 
possibility of discrimination at the entrance to the occupation, in the form of an occupational 
entry barrier, caimot be ruled out. 
The other major finding is that marital status and the number of children are 
significant predictors explaining the choice of occupation and location of work, although the 
contributions of each variable is hot large. Although this study did not analyze separately the 
effect of marital status on the choice of occupation and location of work according to sex, it 
can be expected that dual career responsibilities of married women may greatly influence 
decisions about what occupation to enter and where to work. Although they are employed 
outside the home, women in industrial societies bear the primary responsibility for home and 
family chores (Rexroat & Shehan, 1987; Robinson, 1988). In this case, women who work 
outside the home must organize their family and work lives. Therefore, it is not a surprising 
finding that married women who want to have dual careers may require choosing an 
occupation and location of work that minimizes conflict with family responsibilities. On the 
other hand, married men may allocate more time to work in the market as the primary 
provider of the horhe than do nonmarried men; consequently, marital status may have an 
effect on the decision of occupation and location of work. 
In addition, the number of children may alsis affect the woman's decision about 
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occupation and location of work in that woman is the person who has the primary 
responsibility to take care of the children, and home-based work is regarded as one way to 
participate in the labor market and to look after the children simultaneously. Therefore, in 
the decision of occupation and location of work, there might be difference between the 
woman without children and the woman with children. 
From the results of this study, it may be concluded that sex is a major factor in 
choosing occupation and location of work. Furthermore, sex is regarded as the significant 
factor influencing hourly earnings within each occupation category. 
Implications for Further Study 
Some limitations of this study may be noted for further study. First, a consistent 
definition regarding home-based work is needed. As seen in the literature review, home-
based work has been defined according to the purpose of the studies, and these different 
definitions have affected the estimate of the number of home-based workers. In this study, 
home-based workers were defined narrowly as people who work at home, and consequently, 
many home-based workers who might be included in other definitions are excluded. To 
compare results about home-based workers across studies, a consistent definition regarding 
home-based workers is urgently needed. 
Second, the data used for the study did not have much information that might affect 
the choice of occupation and location of work, or earnings, such as work experience, or 
nonpecuniary costs and benefits associated with occupations, personality and tastes. For 
example, the data for this study did not have any direct measures of work experience or job 
tenure, which have been regarded as important factors in affecting the choice of occupation 
and earnings in many previous studies (see for example, Jones, 1983). 
When there has been no direct measure of years of work experience, many studies 
have used potential work experience, estimated by finding the difference between current age 
and age the individual left school (see, for example. Beck et al., 1980; Blinder, 1976; 
Treiman & Roos, 1983). It is impossible to use potential work experience for this study, 
however, because information regarding education was not attained in detail. With 
educational attainment, work experience and job tenure have been regarded as indicators of 
human capital investments. It should be noted that the predictor variables for the selection of 
occupation and location of work and for earnings provide a comprehensive explanation of 
each and the variables included should be accurately measured in that the omission of some 
variables and the use of inadequate proxies might bias the resuhs. Therefore, for fiirther 
study, data containing factors such as work experience and job tenure are needed to examine 
choice of occupation and location of work, and earnings. 
Third, because the number of home-based workers was so small, some factors could 
not be used as predictor variables. For example, work disability status that has been foimd to 
affect choice of occupation and earnings in some studies, could not be included as a variable 
in examining the choice of occupation and location of work because, for home-based 
workers, there were insufficient cases of persons with a disability. Therefore, for fiirther 
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study, the sample numbers of the two groups should be less diverse. 
Finally, it is necessary to have longitudinal data for this kind of study. Family 
stability and fertility are expected to affect decisions regarding occupation and location of 
work, or earnings. If longitudinal data could be used, it would be possible to evaluate more 
precisely the order of choice of occupation and choice of location of work, and earnings 
according to the changes that occur in the lives of individuals. 
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APPENDICES 
Table A. Pearson product-moment correlations for all variables (n = 7,272) 
Variables 1 2 J 4 5 6 7 8 9 10 
I.Male .069* .042* -.056* .002 -.012 -.179* .056* .022 .024* 
2. Age — .047* -.015 -.052* -.039* .045* -.353* .209* .295* 
3. White — -.716* -.645* -.113* -.076* -.070* .118* .154 
4. Black — -.072*. .147* .052* .024* -.067* -.113* 
5. Other race — .001 .052* .073* -.096* -.096* 
6. Married ~ .037* -.029* -.157* -.207* 
7. Education beyond high school — -.022 -.152* -.083* 
8. Number of children — .023 -.054* 
9. Owner-occupied housing 
-
.430* 
10. Single family dwelling 
11. Residence in an MSA 
12. Income earned by others in the 
family (natural log) 
13. Hourly earnings (natural dog) 
14. Managerial and professional 
specialty and the home-based worker 
15. Technical, sales, and administrative 
support and the home-based worker 
16. Service and the home-based worker 
17. Farming, forestry, and fishing and 
the home-based worker 
18. Precision production, craft, and repair 
and the home-based worker 
Table A. (continued) 
Variables 11 12 13 
1. Male .008 -.233 + .293 + 
2. Age -.004 .124+ .133+ 
3. White .073* .084+ .080+ 
4. Black -.039+ -.068+ -.078+ 
5. Other race -.062+ -.046+ -.029+ 
6. Married -.024+ -.283+ -.070+ 
7. Education beyond high school .123+ -.114+ -.267+ 
8. Number of children .047+ -.156+ -.013 
9. Owner-occupied housing .003 .142+ .158+ 
10. Single family dwelling .040+ .184+ .178+ 
11. Residence in an MSA ~ -.070+ -.186+ 
12. Income earned by others in the family - .000 
(natural log) 
13. Hourly earnings (natural dog) 
14. Managerial and professional specialty 
and the home-based worker 
15. Technical, sales, and administrative 
support and the home-based worker 
16. Service and the home-based worker 
17. Farming, forestry', and fishing and the 
home-based worker 
18. Precision production, craft, and repair 
and the home-based worker 
14 15 16 17 18 19 20 
-.056+ .002 .012 -.179+ .056+ .022 .024+ 
.034+. .018 -.019 .045 .017 .005 .056+ 
.022 .035+ .017 .032+ .014 .006 .061 + 
-.023 -.025+ -.016 -.023+ -.011 -.012 -.050+ 
-.007 -.022 -.006 -.021 -.009 .004 -.032+ 
-.010 -.014 -.004 -.005 -.000 .009 -.032+ 
-.051 + -.036* .013 .022 -.005 .023 -.389+ 
.006 -.005 .034+ .024+ -.007 .009 -.030+ 
.003 .024+ .027 .028+ .019 .003 .121 + 
-.010 .029+ .003 .024+ .011 -.002 .083+ 
-.002 .004 .025+ .070+ .003 .014 -.088+ 
.023 .025+ .023+ .014 .005 -.007 .082+ 
-.017 -.002 -.166+ -.098+ .004 -.023 .280+ 
" -.009 -.008 -.008 -.004 -.004 -.062+ 
-
-.007 -.007 -.003 -.004 -.056+ 
-.007 -.003 -.003 -.051 
-.003 -.003 -.051* 
-.002* -.023+ 
Table A. (continued) 
Variables 21 22 23 
1. Male -.231* -.134* .077* 
2. Age -.024* -.006 -.006 
3. White .039* -.106* -.014* 
4. Black -.038* .111* -.002 
5. Other race -.015 .031* .022 
6. Married .023* .068 .010 
7. Education beyond high school -.020 .142* .037* 
8. Number of children -.054* .003 .018 
9. Owner-occupied housing .026* o
 
o
o
 
*
 
-.019 
10. Single family dwelling .022 -.093* -.033* 
11. Residence in an MSA -.064* .017 .099* 
12. Income earned by others in the family .095* -.013 -.054* 
(natural log) 
13. Hourly earnings (natural dog) -.069* -.184 -.066* 
14. Managerial and professional specialty -.064* -.033* -.013 
and the home-based worker 
15. Technical, sales, and administrative -.057* -.030* -.012 
support and the home-based worker 
16. Service and the home-based worker -.052* -.027* -.011 
17. Farming, forestry, and fishing and the -.053* -.027* -.011 
home-based worker 
18. Precision production, craft, and repair -.024* -.013 -.005 
and the home-based worker 
24 25 
.289* .142* 
-.036* -.021 
.009 -.067* 
-.018 .061* 
.006 .033* 
-.043* -.006 
.145* .264* 
.055* .037* 
.040* .082* 
.000 -.054* 
.040* .082* 
-.129* -.095 
O
 
O
C 
-.061* 
-.038* -.041* 
-.034* -.036* 
-.031* 1 b
 
*
 
-.031* -.034* 
-.014 -.015 
Table A. (continued) 
Variables 11 12 13 
19. Operators, fabricators, and laborers and 
the home-based worker 
20. Managerial and professional specialty 
and the on-site worker 
21. Technical, sales, and administrative 
support and the on-site worker 
22. Service and the on-site worker 
23. Farming forestry, and fishing and the 
on-site worker 
24. Precision production, craft, and repair 
and on-site worker 
25. Operators, fabricators, and laborers and 
the on-site worker 
14 15 16 17 18 19 20 
-.026* 
Table A. (continued) 
Variables 21 22 23 24 25 
19. Operators, fabricators, and laborers and -.026* -.014 -.006 -.016 -.017 
the home-based worker 
20. Managerial and professional specialty -.404* -.210* 
*
 
00 o
 -.240* -.257* 
and the on-site worker 
21. Technical, sales, and administrative ~ -.262* -.087* -.247* -.265* 
support and the on-site worker 
22. Service and the on-site worker ~ -.045* -.126* -.138* 
23. Fanning forestry, and fishing and the 
on-site worker — -.052* -.055* 
24. Precision production, craft, and repair 
and on-site worker — -.157* 
25. Operators, fabricators, and laborers and 
the on-site worker 
Table B. The results of the probit analysis (n = 9,939) 
Variables Degree of freedom Estimate Standard error Chi square Pr > Chi 
Intercept 1 -1.4463 .1036 194.959 .0001 
Male 1 -.7912 .0312 611.859 .0001 
Age 1 .0234 .0014 282.938 .0001 
White 1 -.2269 .0561 16.373 .0001 
Black 1 -.0801 .0726 1.218 .2697 
Married 1 .0762 .0495 2.366 .1240 
Number of children 1 .0828 .0126 42.924 .0001 
Education beyond high school 1 -.4702 .0295 254.711 .0001 
Income earned by others in 
the family (natural log) 1 .0484 .0066 53.894 .0001 
